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Abstract

Most theoreticalmodelspredict that institutionsallowing for direct legisla-
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pectedpolicy consequencesof direct legislation, empirical evidencehasbeen
scantso far. In this paperI discussthe reasonsfor this scantnessof empirical
evidence,namelytheintricaciesof theadequateempiricalmodelto testthetheo-
reticalproposition,andsuggestpossiblesolutionsto this problem.Re-analyzing
a datasetwith whichsomeauthorshave foundno evidencein supportof thethe-
oreticalclaim, I show thatwith betteradaptedempiricalmodelswe �nd results
in synchwith our theoreticalexpectations.Thus,policiesin statesthatallow for
directlegislationre�ect onaveragemorecloselythevoters'wishes.
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1 Intr oduction

Direct legislation hasno good press,currently. Journalists(e.g., Schrag1998 and

Broder2000),aswell assomeobservers(e.g.,Smith 1998)�nd muchat fault with

policiesadoptedin processesof citizen-lawmaking.Implicit in theirassessmentis the

assumptionthat policies in statesallowing for direct legislationdiffer from policies

adoptedin statesnotallowing citizensto proposeandvoteonballotmeasures.

Both thedescriptive andtheoreticalliteratureon directlegislationlargely concurs

with this view. Nevertheless,theeffect of institutionsof direct legislationon policies

hasproven morecontroversialon the empirical level. In this paperI arguethat this

controversyis largely dueto missspec�cationsin theempiricalmodelsusedto assess

the effect of direct legislation. More precisely, mosttheoreticalmodelssuggestthat

policiesin statesallowing for direct legislationshouldbebiasedtowardthepreferred

policy of the medianvoter.1 This biasobviously dependson what the policy would

have beenin theabsenceof institutionsof direct legislation.Hence,whencomparing

policiesacrossstateswith or withoutdirectlegislationit is necessaryto controlfor the

voters'preferences,sincethesedeterminethedirectionof thebias.

But mostempiricalspeci�cationsusedin theliteratureto assesstheeffectof direct

legislationfail to takethis into consideration.Hence,the resultsobtainedareoften

biased.While for someempiricalspeci�cationsit is relatively easyto determinethe

bias, in othersthis proveselusive. Thus,empiricalmodelstaking into accountthe

theoreticallyderivedpredictionof theeffect of direct legislationshouldaddressthese

problemsdirectly.

I proposein this papertwo empiricalmodelswhich derive directly from thetheo-

retically impliedpredictionson theeffectof directlegislation.Both of themarebased

on onerestrictive assumption.In theempiricalevaluationbothyield, however, very

similarresultsandsupportthetheoreticalimplicationontheeffectof directlegislation.

The paperproceedsas follows. In the next sectionI review very brie�y the lit-

eratureon the policy effectsof direct legislation. In sectionthreeI present�rst the

theoreticallyimpliedempiricalmodel,beforediscussingspeci�cationsthathave been

employedin the literature. I demonstratethat almostall of thesespeci�cationsare

basedon erroneousassumptionswhich inevitably resultin biasesin theestimatedco-

1Obviously, thenotionof medianvoteronly appliesin contextswherethepolicy outcomere�ects a
one-dimensionalpolicy space.HugandTsebelis(2000)andTsebelis(2000)proposewaysin whichthe
generaltheoreticalideasdiscussedin thispaperapplyin multidimensionalspaces.
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ef�cients whichareof relevance.In sectionfour I usethesefaultymodelsandcompare

their resultson thebasisof a setof policiesthathave beenstudiedby Lascher, Hagen

andRochlin(1996). I demonstratethat thesedifferentfaulty modelscometo widely

divergentconclusions,andnoneof themprovidesclearevidencein supportof thethe-

oreticallyimplied predictionof theeffectof direct legislation. In section� ve I derive

from thetheoreticallyimpliedempiricalmodeltwo speci�cations,eachrelyingonone

simplifying assumption,solving,however, theproblemsof thepreviousspeci�cations.

I usethesetwo empiricalspeci�cationsto re-analyzethe set of policiesstudiedby

Lascher, HagenandRochlin (1996)and�nd largely consistentsupportfor the con-

tentionthat direct legislationbiasespolicy outcomestoward the policy preferredby

themedianvoter. Sectionsevenconcludesandchartsfutureresearchavenues.

2 The policy effectsof dir ect legislation

Thereis a large consensusin the literaturethat institutionsfor direct legislationaf-

fect policy outcomes.2 Only few authors,like for instanceCronin(1989,232),argue

thatpoliciesdo notdiffer betweenpolitical entitiesallowing for directlegislation,and

thosethatdo not. Fromtheearly incisive writings of Key andCrouch(1939),which

were largely ignoredby subsequentauthors,it alsoseemedclear that the policy ef-

fectsof direct legislationmaybeof two differentsorts. First, thepolicy effectsmay

be direct, in the sensethat policiesareadoptedby voters,which would have failed

in the normallegislative process.Second,institutionsallowing for direct legislation

mayhave indirecteffectswhenthelegislatureadoptspolicieswhich it wouldn't have

adoptedwithouttheseinstitutions.Oftensuchindirecteffectsemerge,wheninterested

groupsthreatenlegislatureswith their own proposals,which they might try to realize

throughdirectlegislation.3

Thesetwo typesof effects appearespeciallyclearly in recenttheoreticalwork.

Steunenberg (1992),Gerber(1996and1999),Moser(1996),MatsusakaandMcCarty

(1998)andHug (1999)all show, that the overall consequencesof direct legislation

compriseboth direct andindirect effects.4 From thesetheoreticalmodelstwo other

2GerberandHug(forthcoming)discussin muchmoredetailtheissuesinvolvedin thisquestion.
3Matsusaka(2000,658)addsa possiblesignalingeffect, namelywhen“. . . electionreturnsfrom

initiative contests.. . convey informationto representativesaboutcitizen preferencesthat they later
incorporateinto policy.”

4Strictly speaking,theincompleteinformationmodelsof Steunenberg (1992)andGerber(1996and
1999)do not cover bothtypesof effects. In Steunenberg's (1992)modelinitiativesalwaysoccurif the
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importantelementstranspire.First, basedon their theoreticalimplicationsit appears

clearly that sortingout direct from indirecteffectsempirically is dif�cult. This, be-

causethesetwo effectsinteractandthusform theresultof astrategic interplayamong

variousactors.Second,thetheoreticalmodelsalsodemonstratethat thepolicy effect

of directlegislation,whetherdirector indirect,is dependentonat leastthepreferences

of the legislatureandthevoters.5 Thegeneralthrustof the theoreticalresultsis that

undermostconditions,policiesadoptedunderdirectlegislationwill bebiasedtoward

the preferencesof the medianvoter.6 For example, if the legislaturewould like to

spend$ 1 million on aschoolbuilding but thevoterspreferspending$ 2 million, then

directlegislationwill, onaverage,leadto higherexpenditures.Conversely, if thesame

legislatureis on a spendingspreeand wishesto constructa school-palacefor $ 10

million, directlegislationwill leadto policiescloserto thepreferredspendinglevel of

frugal voters. Consequently, in onecasedirect legislationwill leadto higherexpen-

ditures,while in anotherexpenditureswill be lower, dueto directcitizen-lawmaking.

This shows, thattheeffectof direct legislationis contingenton thepreferencecon�g-

urationsof themostimportantactors,namelyvotersandthelegislature.

In summary, thetheoreticalliteraturesuggeststhatinstitutionsfor directlegislation

have bothdirectandindirecteffects,but thatthesetwo typesof effectsaredif�cult to

separateempirically. In addition, the directionof theseeffects is dependenton the

voterspreferences,in thesensethatpolicieswill re�ect morecloselythesepreferences

underdirectlegislationthanin theabsenceof theseinstitutions.

statusquois differentfrom thevoters'preferences,whichimpliesthatonly directeffectsareconsidered.
In Gerber's (1996and1999)modelvotesnever occurin equilibrium,sincethe legislatureanticipates
voterandinterestgroupreactions.Thus,thepredictedpolicy effectsareonly of theindirectnature.

5Most modelscomprisealsoan interestgroupor an opposition,which triggersdirect legislation.
Given thatvarioussuchgroupsmay ful�ll this role, their preferenceswill empiricallybeof lessrele-
vance.

6It hasto benotedthat two models�nd that undervery speci�c conditions,votersmay be worse
off underdirect legislation. MatsusakaandMcCarty (1998)show that if the legislatureattemptsto
bea perfectagentof thevoters,without knowing the latter's preferences,it may try to preemptballot
measuresby adoptingpolicies which are detrimentalfor the voters. This occurs,however, only if
the legislaturewishesto buy off an extremeinterestgroup. Similarly, Hug (1999)also �nds that if
the legislature's andthevoters' interestareclose,direct legislationmay leadto policieslesspreferred
by the voters,becausethe legislaturewishesto avoid ballot measures.In bothmodels,however, this
detrimentaleffect is dependenton the voters' preferences.For instanceproposition3 in Matsusaka
and McCarty (1998,16) statesthat policy outcomesmay be more extremeunderdirect legislation,
where“extremeness”is implicitly de�nedby thedistancebetweentheadoptedpolicy andtheexpected
valueof thevoters' preferences.Thus,bothpositive andnegative effectsof direct legislationfrom the
perspective of votersarecontingenton thelatter'spreferences.
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3 The empirical models

While theseinsightsfrom thetheoreticalliteraturearelargely agreedupon,empirical

evidencein their supporthaslong provento beelusive,or undersharpattack.Strictly

speakingthetheoreticalmodelsimply anempiricalmodelof thefollowing type:7

���������
	���
���� ������������	����

(1)

where
�����

isameasureof aparticularpolicy adoptedin entity � ,
	�� 


is themedian

voter'spreferredpolicy in thisarea,
���!�

isanindicatorvariablefor thepresenceof direct

legislationand
	"�

apossiblyemptysetof controlvariables.

An earlyempiricalinvestigationappearsin Pommerehne(1978aand1978b),who

proposesanempiricalstudybasedon datacoveringroughly100Swisscities. On the

basisof aggregatemeasurestheauthorestimatesamedianvotermodel,predictingthe

demandfor public goods,or morepreciselyfor spendinglevels.8 In essence,Pom-

merehne's (1978aand1978b)modelis of thefollowing type

�#�$�%� &(' )*&(+-,/.0	�� 
()213�

(2)

Sincenodirectmeasurementfor themedianvoter'spreferencesareavailable,
	4� 


standsherefor a set of variablesrelatedto the medianvoter's demandfor public

goods.9 This model is estimatedfor two setsof cities, namely thoseallowing for

referendumson certainexpenditures,andthosewhich do not allow for suchreferen-

dums.Pommerehne(1978aand1978b)�nds thathis empiricalmodelperformsmuch

better( 576 is smaller)for the setof cities allowing �scal referendums,thanfor those

which do not have this institution. He takesthis asevidencethat the voters' wishes
7Matsusaka(forthcoming)suggestsusingthesquareof thedifferences,but this alternative speci�-

cationwouldnotaltersigni�cant any of thederivationsandstatementsthatfollow.
8The medianvoter model in this context is in somesensea translationof Black's (1958)median

votertheoremto theempiricallevel. Moreprecisely, work in this tradition,startingwith Bowen(1943),
suggeststhat voting may allow for determiningthe citizens' “demand”for public goods. This liter-
ature(e.g.,Holcombe1989for a review) arguesthat the medianincomeis a superiorpredictorin a
demandfunction for public goods. RomerandRosenthal(1979)questionthoroughlythe theoretical
andempiricalfoundationsfor thisclaim.

9Below I will arguethat this short-cutis problematic,sincewe seldomhave a perfectpreference
measure.Hence,our variablesmeasurewith error the quantityof interestto us, namelythe median
voter'spreferredpolicy outcome.
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arebetterrespectedin citieswith a �scal referendumthanin theremainingcities.10 To

assesswhetherthis empiricalsetupis warranted,the questionis whetherequation2

canbederivedfrom equation1. Rearrangingequation1 for two possiblecasesyields

thefollowing:

�

� �����(�*	�� 


���

��� � � � ����� � ��	 � � )*	 ��


�

� �����(�*	���
��

�

����� � � � ����������	�� � )*	���


(3)

It follows in a straightforwardmannerthat equation2 follows from equation3,

only if
������������	�� �

is zero,which reducesbothequationsto equation2. But obviously

if thetheoreticalmodelsarecorrect
� �����!����	����

is not equalto zero,which impliesthat
�����

, as omittedvariablein equation2, becomespart and parcelof
1 �

. In addition,

since
��� �

is equalto 1 for directlegislationstatesand0 otherwise,thisomittedvariable

inducesheteroskedasticityof a very predictabletype. Estimatingequation2 basedon

thewhole setof observations,however, hasasadditionalproblemthat
���

becomesa

classicalomittedvariable.Theoreticallyweknow thatits effect is differentfrom zero,

andwe may suspectthat
���

is correlatedwith someincludedvariables.Hence,both

slopeestimatesand,asa consequence,theresidualswill bebiased.

Pommerehne(1978aand1978b)partly circumventsthis problemby estimating

twosetsof equations,namelyonefor directlegislationmunicipalities,andtheotherfor

theremainingcities. Inspecting3 it follows rathereasilythat 5 6 shouldbesmallerfor

directlegislationstatesthanfor theremainingstates.ThisisexactlywhatPommerehne

(1978aand1978b)usedascriterionto assesstheeffectof directlegislation.But, obvi-

ouslytheestimatesobtainedby Pommerehnearebasedon anerroneousspeci�cation.

Thus,the residualsarealsobiasedestimatesof the error terms,which suggeststhat

assessingthevarianceof theresidualsis problematic.

This approachfell in somedisreputeafter the more generalcritique leveled by

RomerandRosenthal(1979)againsttheso-calledmedianvotermodel. But their ar-

gumentfocusedon the usefulnessof usinga particularsummaryof the incomedis-

10Healsoassessestheelasticitiesof thedemandfunctionwhichcorrespond,givenhis linearspeci�-
cation,to theslopecoef�cients. As will becomeapparentbelow, this interpretationis problematic(see
Matsusakaforthcoming).

6



tribution (themedian)to predictdemandfor public goods,insteadof any otherdistri-

butionalsummary. Even thoughtheforceful critiqueof RomerandRosenthal(1979)

alsodirectlyrefersto Pommerehne's(1978a)work, theircritiquedoesnotdealdirectly

with the questiondiscussedhere. Nevertheless,Pommerehne's (1978aand 1978b)

crudeapproachyieldsonly correctassessmentsontheeffectof directlegislationunder

very restrictiveassumptions.11

Probablyin partdueto RomerandRosenthal's (1979)critiqueof themedianvoter

model,subsequentauthorsrefrainedfrom relyingonPommerehne'spioneeringwork.

Almostall empiricalmodelsattemptingto estimatetheeffectof directlegislationsince

then,employedthefollowing modelor a variationthereof(e.g.,Chicoine,Walzerand

Deller1989):

�����%� &(+
,

. 	���
7)*&

���

. ����� ) 13�

(4)

The effect of direct legislation is then testedfor by assessingthe sizeand sign

of the estimated
&

��� . But a comparisonbetweenequation4 andequation3 quickly

highlightsa shortcomingof this approach.Theestimateof
&

��� is only unbiasedunder

the assumptionthat either
��� ��� 	���


� � or
����� � 	�� 
 �

� for all � 's. If this

conditionis violated,theestimatefor
&

��� is biasedtowardzero.

The empiricalmodelreportedin equation4 hasbeenextensively usedin studies

of Americanstatesandmunicipalities,aswell asof Swisscantonsandcities. Inter-

estinglyenough,despitetheinherentbiasin theestimatedeffectsof directlegislation,

most,if notall, studies�nd astrongandsigni�cant effectfor directlegislation.Hence,

Matsusaka(1995)�nds thatAmericanstateswith directlegislationhave lowerspend-

ing levelsbetweenthe1960sandthe1990s.FeldandMatsusaka(2000)�nd similar

effectsfor Swisscantons.12 Interestingin this context is Matsusaka's (2000)�nding

thatin the�rst half of the20thcenturydirectlegislationstateshadhigherspendinglev-

elsthanthestateswithout theinitiative process.This �nding, comparedto theresults

obtainedin Matsusaka(1995)clearlyillustratesthelogic of equation3. As Matsusaka

(2000)illustrateswith qualitativematerial,thepreferencesof thevotersin the�rst half

of the20thcenturywerequitedifferentfrom thoseof their fellow citizensat theend

of the lastcentury. Hence,moststatesstartedoff in a situationcharacterizedby one

11It hasto benotedhere,thatthederivationof equation2 from 3 reliesin parton theassumptionthat
�����

is aperfectmeasureof themedianvoter'spreferredpolicy outcome.
12A carefulreview of mostwork in this traditionappearsin Kirchgässner, FeldandSavioz (1999).

7



equationof 3 andhavemovedto theotheronein thecourseof thecentury.13

Theproblemwith thisapproachis thatit doesnotallow theeffectof directlegisla-

tion to bedependenton thevoters' preferences.While Matsusaka's (1995and2000)

work clearlyshowsthatpreferencesdiffer acrosstime,it is perfectlypossiblethatthey

might alsodiffer acrossspace.As arguedabove, neglectingthis conditionalin�uence

of directlegislationbiasesdownwardtheestimatedeffect. An attemptto overcomethis

dif�culty andto proposeanadequateempiricalmodelappearsin Gerber's (1996and

1999)work. Shestudiestwo policies,namelyparentalconsentlaws for teenageabor-

tionsandthedeathpenalty. For bothpoliciessheaggregatespreferencemeasuresfor

the�fty states,basedon survey questionson thesetwo policies.Sinceherdependent

variablesaredichotomous,namelypresenceor absenceof thesepolicies,sheemploys

a logit setup.Thus,startingoff from somethingsimilar to equation1 shederivesthe

following empiricalmodelfor dichotomouspolicies(omittingany controlvariables):

�

�3�#�$� ��� �

���

�

� ��������� �

� �����	��
���


,��

+ ,





������

�

���




�

+-,
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��

(5)

In herempiricalmodelappeartheaggregatedpreferencemeasure(
	

� 


), thepref-

erencemeasureinteractedwith a dummyequalto onefor all stateswith direct leg-

islation,andvariouscontrolvariables.14 She�nds for bothpoliciesthat theeffect of

preferenceson thelog-oddsratio is strongerin stateswith directlegislationthanin all

otherstates(
&

�����

�

� andthesignsof
&�+

,

and
&

� � areidentical).15 Herempiricalspec-

i�cation is adequate,becausethepreferencevariablecanbeconsideredasa measure

of thelatentconstructimplicit in logit-models.On this constructthereexistsa cutoff

point above which a majorityof votersprefersa givenpolicy.16 Theempiricalmodel

thenassesseshow swiftly thepredictedpolicy switchesin direct legislationstatesand

all othersasthepreferencesmove alongthis continuum.As is obviousfrom thelogit

13Obviously, thedirectionof themovementdependsonhow wede�ne ����� and
�����

.
14This empiricalmodelcorrespondsalmostcompletelyto Bartels' (1991)model,which heusesto

assesswhetherconstituency opinionsin�uence the voting behavior of congressmenin the areaof de-
fense.Onevariable,whichaccordingto Bartels(1991)mightreinforcethisrelationship,is thecloseness
in theelectionof thecongressman.Hence,heemploysbothconstituency preferencesaswell asthese
preferencesinteractedwith a measurefor electoralcloseness,amongothers,asindependentvariables.

15EmployingthesameempiricalmodelGerberandHug (2001)�nd similar resultsfor variouspoli-
ciesaimingatprotectingminorities.

16Given the fact that policiesfor teenageabortionsandthe prevalenceof the deathpenaltydiffers
from stateto state,it is likely thata uniform questionon thesetwo policiesusedin thesurveys elicits
nota preciseevaluationof thepoliciesonbooksin therelevantstates.
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speci�cation, if the overall effect of preferenceson the log-oddsratio is bigger, this

suggeststhatpolicy reactsmoreswiftly to changesin voterpreferences.

Drawing directlyor indirectlyon this previouswork, Lascher, HagenandRochlin

(1996)aswell as Camobreco(1998)attemptto build on Gerber's (1996and1999)

work,aswell asMatsusaka's (1995)for policiesmeasuredoncontinuousscales.They

employasdependentvariablesa seriesof policies,e.g. schoolexpenditures,or tax

revenues.As in Gerber(1996and1999)theseauthorsemploya preferencemeasure

andinteractthis preferencemeasurealsowith a dummyfor direct legislationstates.

Their resultsaremixedatbestandin essenceprovidenoevidencefor thetheoretically

groundedhypothesisthat voters' preferencesarebetterre�ected in policiesin direct

legislationstates.Matsusaka(forthcoming)demonstrates,however, that their empir-

ical model is inadequate.The reasonwhy canbe seenrathereasilyby inspectinga

simpli�ed versionof theirmodel:

�#�
�

� &
'

) &
+

,/.0	
��


)*&

���

. ���
�

.0	
��


) 1
�

(6)

Comparingequation6 with equation1 clearlysuggests,thatthereis nowayto get

from oneequationto theother. Matsusaka(forthcoming)implicitly demonstratesthis

factandrightly arguesthattheresultsreportedby Lascher, HagenandRochlin(1996)

andCamobreco(1998)do not relateto the theoreticalquestiontheseauthorspose.

Hencetheirconclusionsaboutthenon-effectof directlegislationarequestionable.

4 What can faulty empirical modelstell us?

Sofar we exploreda seriesof empiricalmodelsthathave beenproposedto studythe

effect of direct legislationon policy outcomes.Themodelthat re�ects mostclosely

thetheoreticalmodelimpliedby mostformalwork, namelyGerber's(1996and1999)

logit speci�cation,however, only appliesto dichotomouspolicies. Simply transpos-

ing her speci�cation to a model for a continuouspolicy clearly fails, as Matsuaka

(forthcoming)demonstrates.But how do the differentempiricalspeci�cationsdis-

cussedabove fare in the caseof the set of policiesstudiedby Lascher, Hagenand

Rochlin (1996)? Theseauthorsusemeasuresfor eight policiesadoptedat the state

level, aswell asa summaryindex coveringthesepolicies(Table1).17 Thesepolicies

17Descriptive statisticsfor thesepolicies,aswell as for all othervariablesemployedin this paper
appearin theappendix.For moreprecisede�nition of thevariables,I referto thesourcesmentionedin
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Table1: Policiesandtheirmeasurement

label policy andsource
adc80 “scopeof Aid to Familieswith DependentChildren” (Erikson,Wright

andMcIver 1993,75-78,Lascher, HagenandRochlin1996,765)
consume2 “enactmentof variousconsumerprotectionlaws” (Erikson,Wright and

McIver 1993,75-78,Lascher, HagenandRochlin1996,765)
crimjus2 “useof differentapproachesto criminal justice” (Erikson,Wright and

McIver 1993,75-78,Lascher, HagenandRochlin1996,765)
exppupil “educationalspendingper pupil” (Erikson,Wright andMcIver 1993,

75-78,Lascher, HagenandRochlin1996,765)
eraboles “yearsfrom passageof theEqualRightsAmendment(ERA)” (Erikson,

Wright and McIver 1993, 75-78,Lascher, HagenandRochlin 1996,
765)

gambling “extentto which legalizedgamblingis allowed” (Erikson,Wright and
McIver 1993,75-78,Lascher, HagenandRochlin1996,765)

medicar2 “scopeof theMedicaidprogram”(Erikson,Wright andMcIver 1993,
75-78,Lascher, HagenandRochlin1996,765)

lowry2 “tax progressivity” (Erikson,Wright andMcIver 1993,75-78,Lascher,
HagenandRochlin1996,765)

zpolicy “summary index of the eight policies” (Erikson, Wright and McIver
1993,75-78,Lascher, HagenandRochlin1996,765)

areaid for familieswith dependentchildren(adc80),consumerprotectionlaws (con-

sume2),criminal justice(crimjus2),schoolexpendituresper pupil (exppupil), equal

rightsamendment(eraboles),adoptionof gambling(gambling),medicare(medicar2),

taxes(lowry2) aswell asthesummaryindex (zpolicy). Eachof thesepoliciesLascher,

Hagenand Rochlin (1996) regresson the percentageof high schoolgraduates(HS

grad), income,the percentageof urbanpopulation,anda measureof stateideology

derivedfrom Erikson,Wright andMcIver (1993).Lascher, HagenandRochlin(1996)

considerthelattervariableasapreferenceproxyfor theeightpoliciesandthesummary

index, while theothervariablesappearascontrolsin their models.Hence,following

equation6 they interacttheir ideologymeasurewith a direct legislationdummy, and

introducethelatterasadditionalregressors.

I usethis speci�cationby Lascher, HagenandRochlin(1996)asstartingpoint for

anassessmentof thevariousfaulty empiricalmodels.As Lascher, HagenandRochlin

(1996) theseanalysesonly cover 47 states,sinceaccordingto Erikson,Wright and

McIver (1993)theideologymeasurefor Nevada,Hawaii andAlaskais unreliable,and

thesestatesarethusomitted.Table2 summarizesthecrucialelementsof eachspeci�c-

tion.18 Column1 of table2 recapitulatesin somesenseLascher, HagenandRochlin's

(1996)result,by only reportingtheadjusted��� of a replicationanalysisof their eight

policiesandtheirsummaryindex.19 I reportthisproblematicstatistic,becauseit is the

table1.
18Completeresultscanbeobtainedfrom theauthorandwill appearshortlyonhisweb-page.
19I reportLascher, HagenandRochlin's(1996)results,aswell asmy replicationthereofin columns

1 and2 of tables3 to 11for eachof thesepolicies.
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Table2: Exploringeightpolicieswith differentfaulty methods

replication dl=0 dl=1 dl=0 dl=1 dl dl dl � sig F-test
adj. �

�

adj. �

�

adj. �

�

residuals residuals b b b joint
sd sd (s.e.) (s.e.) (s.e.) sign.

adc80 0.66 0.77 0.32 48.15 52.99 2.72 17.47 -2.14
(18.47) (36.07) (4.49)

consume2 0.38 0.49 0.32 2.41 3.39 -0.69 1.41 -0.3
(1.06) (2.04) (0.25)

crimjus2 0.16 0.20 0.05 92.36 137.25 -27.25 121.35 -21.6** *
(41.93) (77.4) (9.63)

exppupil 0.72 0.76 0.74 27.78 21.67 -5.26 -14.87 1.4
(9.25) (18.03) (2.24)

eraboles 0.45 0.47 0.43 1.87 1.91 -1.39** -0.29 -0.16 *
(0.68) (1.32) (0.16)

gambling 0.62 0.63 0.56 116.2 93.11 66.73* 40.32 3.84
(38.66) (75.57) (9.40)

medicar2 0.42 0.47 0.29 12.78 13.27 -0.88 1.43 -0.34
(4.77) (9.32) (1.16)

lowry2 0.23 0.31 0.00 3.75 4.14 -1.27 4.07 -0.78** **
(1.44) (2.64) (0.33)

zpolicy 0.76 0.80 0.66 0.46 0.50 -0.12 0.45 -0.08**
(0.17) (0.33) (0.04)

n 47 26 21 (26) (21) 47 47

indicatoron which Pommerehne(1978aand1978b)reliesin his analyseswhencom-

paringcitieswith direct legislationto thosewithout. Thecorrespondingcomparison

for theAmericanstatesappearsin columns2 and3 of table2. In column2 I reportthe

adjusted�

� for theestimationbasedonthe26stateswith nodirectlegislation,while in

column3 appeartheadjusted�

� for the21directlegislationstates.Sincetheadjusted
�

� aresystematicallyhigherin column2 thanin column3 we would conclude,based

onPommerehne's(1978aand1978b)approach,thatthetheoreticalmodelfails to �nd

empiricalsupport.

Sucha quick decisionneglects,however, two crucialpoints.First,Pommerehne's

(1978aand1978b)approachis a very crudeapproximationof the theoreticalmodel,

sinceit relegatestheeffectof directlegislationinto thedisturbances.Second,the �

� as

a goodnessof �t measuresuffersfrom variousshortcomings.Oneof themis thatwe

comparethis�t measureover two sub-samples,whichare,in addition,of unequalsize.

This is especiallyproblematic,sincethe slopecoef�cients areestimatedwith more

informationfor thestateswith no direct legislation. A way aroundthis problemis to

estimatetheslopecoef�cients for all statestogetherandthento comparethestandard

deviation of theresiduals.20 Theresultsfor theseanalysesappearin columns4 and5

of table2. In all cases,exceptfor theeducationexpenditures,thestandarddeviationof

theresidualsis largerfor directlegislationstates.Thus,againwe mightbetemptedto

rejectthetheoreticalmodel.But tworeasonsspeakagainstsuchahastydecision.First,

20Obviously, suchanestimationraisesagainthespecterof thedirect legislationasanomittedvari-
able.
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giventheunequalsizeof thetwo subsamples,it is obviousthat theslopecoef�cients

re�ect more strongly the relationshipfound in the stateswith no direct legislation.

Second,evenif thiswerenottoomuchof aproblem,wearestill facedwith theproblem

thatPommerehne's(1978aand1978b)approachdoesnotre�ect thetheoreticalmodel,

and,giventheomittedvariable,leadsto biasedresults.

Apart Pommerehne's (1978aand1978b)empiricalmodelwe might alsoconsider

thespeci�cationmostfrequentlyusedin studiesonexpenditures,taxesanddebtlevels,

which rely on estimatingthecoef�cient for a direct legislationdummy. Usingexactly

thesamespeci�cationasLascher, HagenandRochlin(1996),but droppingtheinterac-

tion termbetweenpreferencesandthedirectlegislationdummy, we get theestimates

for theslopecoef�cient of thedummyreportedin column6 of table2. Overall theesti-

matedslopecoef�cients arenegative,with twoexceptions,namelythosefor adc80and

gambling.Similarly, only for two policiesis thiscoef�cient signi�cant at the0.1level,

namelyfor theERA-policy andgambling.Again,this is hardlyoverwhelmingsupport

for thetheoreticalmodel.Following ourdiscussionof theempiricalmodelsabove,we

know, however, that theseestimatesarebiasedtowardzero. A further complication

comesfrom morerecenttheoreticalmodels(e.g. MatsusakaandMcCarty1998and

Hug 1999),which suggestthat theeffect of direct legislationdiminishesasthecosts

of submittinga ballot proposalincrease.Consequently, asthesignaturerequirement

for submittinga proposalincreases,theeffect of direct legislationshoulddiminish.21

This impliesthatwe shouldnot only includea dummyfor direct legislation,but also

the signaturerequirementfor the direct legislationstates.Theestimatedcoef�cients

for thecentralvariablesof this modelappearin columns7 and8 of table2. In column

9 I reporttheresultsof a joint signi�cancetest.22 For threepolicieswe �nd a jointly

signi�cant effect, namelyfor criminal justice,ERA andtaxes(lowry2). In addition,

for threepolicies,namelycriminal justice,taxesasmeasuredby Lowry andthesum-

mary indicator(zpolicy) the signaturerequirementis signi�cant andof the opposite

signasthedirectlegislationdummy. This is thecasefor all policies,exceptERA and

gambling.Thus,whentakinginto accountmorerecenttheoreticalresultswhichstress

theeffectof thesignaturerequirement,wegetsomeadditionalsupportfor thetheoret-

ical model,but overall thissupportstill remainsweak.Again,thisshouldnotsurprise,

21MatsusakaandMcCarty(1998),Hug (1999),GerberandHug (2001),andMatsusaka(2000)�nd
empiricalsupportfor this theoreticalclaim.

22Throughoutthis paperI usetwo-tailedtestsof signi�cance,where ��� indicatessigni�cancewith
�������	��
 , while � denotesa signi�cancelevel of ��������
�� .
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sinceasemphasizedrepeatedly, the effectsestimatedwith this empiricalmodelare

biasedtowardzero.

5 Appropriate testsof the theoretical model

Strictly speakingequation3 would be theappropriateempiricalmodelto beusedto

assesstheeffect of direct legislation.Thereis, however, oneadditionalcomplication,

to whichwealludedatseveralinstances,namelythatwegenerallydonothaveperfect

measuresfor themedianvoter'spreferences(
	 � 


). But if wehaveto estimate
	"��


, we

cannotderiveequation3 directlyfromequation1. Wemaypresumethat
	4� 


is related

to anarrayof variables
�-�

presumablylinked to thepreferencesof medianvoter:
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Assuming(falsely) linearrelationshipsfor bothequations1 and7 we get thefol-

lowing systemof equations:
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Dependingon theassumptionsmadefor thejoint distribution of
1

and
�

, thelike-

lihood functionmaybepiecedtogether. Basedon theassumptionthat
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where
�

��� �

if
�#�����*	���


� � andelse
�

� �

� . Sincethedistribution functions

in the two piecesof the log-likelihoodfunctiondiffer, anadditionalparameterhasto

be estimated,which correspondsto a multiple of the covarianceof
1

and
�

. Apart

thiscomplication,theestimationof theparametersthroughmaximizingequation10 is

almosttrivial.

Theestimationof theimplicit systemof equation8 is only possiblebecauseof the

manifestlyerroneousassumptionof linear relationships.Given that theabsolutedis-

tancebetweenthepolicy outcomeandthemedianvoter'spreferenceis to beexplained,

the dependentvariablecanonly takepositive values. Hence,a correctspeci�cation

wouldtakethis into account,for instanceby assumingthefollowing:
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arriveat thefollowing equation

�����
�

�*&
'

�*&

�

. �
�

�21
�

� � �

� � 
����

�

���





����

�

+-





�




(12)

Equation12 mayagainbedisassembledinto two pieces:
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Sinceoneof theerrorterms(
� �

) entersequation13multiplicatively, while theother

(
13�

) entersit additively, nosimplelikelihoodfunctioncanbepiecedtogether. Only by

settingoneof thesetwo error termsto zero is it possibleto derive a log-likelihood

function.23 Setting
� ���

�

�

� yields the following expression,which againcaneasily

beusedto derivea likelihoodfunction:
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Hence,it appearsthatcorrectlyestimatingtheparametersof interestin equations1

and7 is only possibleby adoptingoneof two manifestlyfalseassumptions.First,we

mayassumethattheequationlinking explanatoryvariablesto thedifferencebetween

policy outcomeandthemedianvoter'spreferenceis linear. Underthis assumptionwe

canestimateat thesametime theeffectof preferencesanddirectlegislationonpolicy

outcomes.Second,we mayacknowledgethat theoutcomeequationis nonlinear, but

thenassumethatourvariousproxyvariablescompletelyaccuratelypredictthemedian

voter'spreferedpolicy outcome.24

6 Policy consequencesof dir ect legislation

Thus,the above discussionsuggeststwo possibilitiesto estimatethe effect of direct

legislation,both basedon a simplifying assumption.The �rst is to assumethat the

substantive interestingpartof equation8 is a linearrelationship.Thesecondrelieson

thefalseassumptionthatourproxiesfor thepreferencesof themedianvoterperfectly

predictthemedianvoter'spreferredpolicy outcome.

23Thisis implicitly thestrategy adoptedby Bartels(1991),whoregresseshissurvey-basedpreference
measureon a seriesof constituency characteristics,and thenemploysthe predictedvaluesfrom this
auxiliary regressionaspredictorin thevotingequationof congressmen.While this approachaddresses
theissueof measurementerrorin thepreferencevariable,it is far from certainthatpurgingthevariable
in thewayproposedby Bartels(1991)solvesthematterhighlightedhere.

24This assumesthat � ���

����� . Obviously, we couldalsoassumethat � �	�

�
��� , but it seemsmuch
lessplausiblethat the inferredpreferencesof themedianvoterplussomecontrolvariablesaccurately
predictthepolicy outcomein a state,asmeasuredby ourdependentvariables.
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EmployingLascher, HagenandRochlin's (1996)datasetI explorethesetwo em-

pirical modelswith differentspeci�cations.25 The resultsappearin tables3 to 11.

In the �rst columnof eachtableI report the resultstakenfrom Lascher, Hagenand

Rochlin's (1996)article. Column2 reportsmy replicationof their resultsusingex-

actly the samespeci�cation.26 In columns3, 4 and5 I reportthe resultsfrom three

speci�cationswhereI assumethattheoutcomeequationis linear.27 Thethreespeci�-

cationsdiffer by theadditionalcontrolvariablesthatI introduce.The�rst (column3)

is largely a replicationof Lascher, HagenandRochlin's (1996)speci�cation,though

with the moreappropriateempiricalmodel. Basedon the discussionin the previous

sectionI addin thenext speci�cationthesignaturerequirementasadditionalvariable

for thedirectlegislationstates.28 Finally, in thethird speci�cationI addtwo additional

control variables.29 In columns6, 7 and8 I report the resultsfrom the samethree

speci�cations,however, undertheassumptionthatour proxiesfor themedianvoter's

preferredpolicy areperfectpredictors.

As a reminder, Lascher, HagenandRochlin (1996) interprettheir resultsin the

samefashionasBartels' (1991)andGerber(1996and1999)interprettheirsobtained

in a nonlinearframework of a probit, respectively logit estimation.Thus,if their in-

terpretationwerecorrect,we would expecta signi�cant effect bothfor thepreference

measureandthepreferencemeasureinteractedwith thedirect legislationdummy. In
25I estimatedthesamemodelsalsofor af�rmati veactionpoliciesin publiccontractingandcompara-

ble worth policies(SantoroandMcGuire1997). Theresultsarelargely similar, andin additionallow
for ananalysiscoveringall 50 states.For brievity' s sake,I refrain from reportingtheseresultsin this
versionof thepaper, but they will appearshortlyonmy webpages.

26Given the very different scalesof the independentvariablesemployedby Lascher, Hagenand
Rochlin (1996),someestimatedcoef�cients aredif�cult to interpret. For this reasonI divided their
incomemeasureby 1000,sothat theestimatedcoef�cients for this variablebecomemoreeasilyinter-
pretable.Similarly, they only reportthe0.05signi�cancelevels. Giventhesmall samplesinvolved,I
reportin all analysesboth the 0.1 ( � ) and0.05( � � ) signi�cancelevels. For the resultsthat I directly
quotefrom Lascher, Hagen,andRochlin(1996),I canonly deriveandreportthe0.05signi�cancelevel.

27As transpiresfromthetables,I fail to reportestimationsfor somemodels.Thereasonfor this is that
the estimationsfailed to converge in a reasonabletime-frame.The fault lies with my impatienceand
probablyalsowith thesensitivity of theestimationprocedureto thestartingvalues.ScheduledMonte-
Carlosimulationsshouldgiveusamuchmorerobustassessmentof theproposedestimationprocedure.
A point to which I will comebackbelow.

28The direct legislation dummy re�ects whethera stateallowed for initiatives in 1990, and thus
excludesMississippifrom the initiativestates.Thesignaturerequirementis zerofor all non-initiative
statesandequalto thelowestpercentageof signaturesrequiredfor a ballotmeasueacrossstatutoryand
constitutionalinitiatives.

29Thetwo controlvariablesrelateto characteristicsof thelegislature,namelytheturnover ratein the
state'shouseof representatives(Councilof StateGovernments1997)andtheprofessionalizationof the
statelegislature(Squire1992).Both controlsarealsousedby Gerber(1996and1999)andGerberand
Hug(2001).
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Table3: ExplainingAFDC

OLS mle(linearoutcomeequation) mle(exponentialoutcomeequation)
lascheretal replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 4.40 4.76** 2.68** - 2.59** 2.71** 2.80 3.11
(1.68) (1.43) (0.75) (0.83) (0.90) (0.76) (0.75)

income 0.00 6.50 12.20** 17.30** 10.60** 14.02** 5.93
(0.00) (10.06) (6.10) (6.70) (6.08) (6.65) (6.18)

urban 0.01 2.16 -22.50 -28.28** -15.34 -35.09* -30.91*
(0.44) (37.43) (23.61) (26.32) (22.29) (24.47) (23.21)

libop 8.35* 8.39** 4.99** 5.40** 4.84** 4.25** 3.46**
(1.71) (1.76) (0.76) (0.81) (0.77) (0.75) (0.78)

init 78.2** -79.55**
(32.70) (32.64)

init x libop -6.12** -6.00**
(2.02) (2.04)

constant -17.99 49.26 22.83 56.21 25.62 52.69
(101.37) (51.02) (55.36) (53.10) (53.26) (57.36)

init -5.38 -8.17 -0.15 -0.58 -0.62
(8.45) (18.84) (0.18) (0.51) (0.53)

initp 0.68 0.05 0.04
(2.26) (0.06) (0.07)

pro�egi -20.88 0.92*
(31.72) (0.66)

turnhous -0.05 -0.01
(0.35) (0.01)

constant2 49.25** 54.48** 3.92** 3.96** 3.94**
(6.37) (13.65) (0.13) (0.12) (0.27)

��� 48.41 29.49 29.10 26.83 26.94 26.91
(2.78) (2.90) (0.03) (0.07) (0.07)

�

�

��� � 4.26 2.89
(7.15) (7.26)

llik -221.21 -221.88 -221.30 -221.49 -221.45
n 47 47 47 47 47 47 47

addition,the sign for thesecoef�cients shouldbe identical,sincethe presumptionis

thatthedirectlegislationreinforcestheeffectof preferenceson thepolicy outcome.

As the �rst two columnsin tables3 to 11 show, for no policy doesthe predicted

patternappearfor theestimates.While theeffectof thepreferencemeasureon policy

is statisticallysigni�cant for seven policies,thecoef�cient for the interactionis only

statisticallysigni�cant for onepolicy, namelygambling. In additionin this case,the

effectof theideologyscaleon theadoptionof gamblingis strongandpositive among

thewholesetof states,while it is reducedamongthedirectlegislationstatesby almost

half. Consequently, basedon theseresults,Lascher, HagenandRochlin(1996)rightly

claim that thereis no evidencethat direct legislationhasthe effect of a “gun behind

thedoor.”

Unfortunately, asdiscussedabove,theirresultsarebasedonanerroneousempirical

model.Thus,it is interestingto explorewhatinsightswewouldgleanfrom theresults

obtainedfrom the correctedempiricalmodelsdiscussedabove. Obviously, in both

empiricalmodelsthecrucialtestsshiftsaway from aninteractiontermto theeffectof

the direct legislationdummy. More precisely, the theoreticalmodelpredicts,that its
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Table4: Explainingconsumerpolicy

OLS mle(linearoutcomeequation) mle (exponentialoutcomeequation)
lascheret al replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.25** 0.20** 0.32** - -0.00 0.10** 0.07** 0.05*
(0.11) (0.09) (0.05) (0.00) (0.04) (0.04) (0.04)

income 0.00 0.20 -0.30 -0.37 0.94** 1.55** 1.63**
(0.00) (0.63) (1.45) (1.36) (0.36) (0.26) (0.26)

urban 0.04 2.50 -0.00 0.33 0.25 -1.10 -1.55*
(0.03) (2.35) (0.00) (0.05) (1.37) (1.13) (1.20)

libop 0.15 0.12 0.06 0.06 0.22** 0.25** 0.25**
(0.11) (0.11) (0.05) (0.05) (0.05) (0.05) (0.05)

init 0.46 0.66
(2.05) (2.05)

init x libop 0.09 0.10
(0.13) (0.13)

constant -0.84 -1.24 -2.93 1.51 -0.54 0.19
(6.36) (3.51) (3.40) (2.78) (2.59) (1.82)

init 1.23** -0.73 0.37* -0.62** -0.51*
(0.56) (1.09) (0.26) (0.37) (0.35)

initp 0.28** 0.12** 0.12**
(0.13) (0.02) (0.02)

pro�egi -0.41 -0.94**
(2.05) (0.55)

turnhous -0.02 -0.01*
(0.02) (0.01)

constant2 2.36** 2.87** 0.65** 0.78** 1.20**
(0.38) (0.74) (0.17) (0.15) (0.20)

��� 3.04 1.62 1.61 1.74 1.59 1.52
(0.14) (0.14) (0.01) (0.01) (0.01)

�

�

��� � -0.26 -0.14
(0.39) (0.38)

llik -91.29 -93.58 -92.78 -88.62 -86.47
n 47 47 47 47 47 47 47

effect shouldbe negative, namelyreducingthe distancebetweenthe medianvoter's

preferredpolicy andthepolicy outcome.Lookingatcolumns3 and6 in tables3 to 11,

whereexactly thesamevariablesasthoseemployedby Lascher, HagenandRochlin

(1996)appear, we �nd that for all policies the estimatedeffect of direct legislation

is negative, except for the �rst speci�cationsin eachset in tables4, 10 and11, all

speci�cationsin table5, andin oneoutof six speci�cationsin tables6, 7 and9.

While thesedeviationsfrom theexpectedpatternseemat theoutsetimportant,a

closerlooks shows considerablesupportfor the theoreticallyexpectedeffects,espe-

cially whenconsideringthespeci�cationincludingthesignaturerequirement.For all

policies,with theexceptionof criminal justicepolicies(table5) we �nd theexpected

patternof coef�cients. Stronglystatisticalsigni�cant resultsin supportof thetheoret-

ically predictedeffectsappearin table4, 7, 9, and10.

Thusour resultssuggestthat for theconsumerpolicies,theadoptionof theequal

rightsamendment,taxes,aswell asthesummarypolicy index, direct legislationsig-

ni�cantly leadsto policiesre�ecting morecloselythevoterswishes.For theremaining

policies,westill �nd estimatedcoef�cients whicharelargely in synchwith theory, but
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Table5: Explainingcriminal justice

OLS mle(linearoutcomeequation) mle (exponentialoutcomeequation)
lascheretal replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 4.22 3.64 1.03 0.97 - 2.43* 2.45* 2.02
(4.22) (3.55) (1.55) (1.52) (1.65) (1.67) (1.67)

income 0.00 10.57 22.60** 28.70** 6.82 4.61 7.99
(0.02) (25.08) (12.30) (13.40) (13.11) (15.22) (15.79)

urban 0.60 53.25 -29.12 -43.67 -90.22** -82.28* -80.57*
(1.11) (93.29) (52.38) (52.84) (48.85) (56.08) (56.41)

libop 4.27 3.54 7.03** 6.77** 6.31** 6.36** 6.88**
(4.31) (4.38) (1.66) (1.67) (1.62) (1.62) (1.65)

init 15.30 16.79
(82.10) (81.35)

init x libop 3.05 3.21
(3.09) (5.07)

constant -145.60 -18.03 -63.29 23.69 38.16 46.69
(252.67) (111.37) (118.38) (111.12) (120.97) (122.47)

init 48.61** 9.76 0.39** 0.50 0.60*
(20.06) (43.74) (0.19) (0.42) (0.41)

initp 5.50 -0.02 -0.02
(5.47) (0.06) (0.05)

pro�egi -0.83
(0.88)

turnhous -0.01
(0.01)

constant2 71.25** 70.33** 4.50 4.51 4.73
(13.24) (13.03) (0.16) (0.16) (0.27)

��� 120.66 70.02 71.80 61.41 61.35 60.31
(5.34) (5.48) (0.16) (0.16) (0.16)

�

�

��� � 17.30 22.07
(15.97) (15.82)

llik -260.70 -260.22 -260.21 -260.17 -259.37
n 47 47 47 47 47 47 47

mostof themfail to bestatisticallysigni�cant, thoughof theexpectedsign. Compar-

ing theseresultsto thosereportedin Lascher, HagenandRochlin (1996),it appears

that both a faulty empiricalmodel,aswell asthe omissionof a crucial independent

variable,namelythe signaturerequirement,may explain thesestriking differences.

While Matsusaka(forthcoming)demonstratesthat their empiricalmodelcannotpro-

vide resultswhich speakto the theoreticallyderived hypothesis,the resultsreported

hereshow thattheir resultsareerroneous.Findingcomfortin thefact thatbothempir-

ical speci�cationsproposedin this paperlargely yield concurringresultswith respect

to theestimatesof centralinterestin thecontext, themodelsproposedhereappearto

performadequately.
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Table6: Explainingeducation

OLS mle(linearoutcomeequation) mle (exponentialoutcomeequation)
lascheret al replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.48 0.79 - - 1.70** 1.24** 1.55** 1.33**
(0.93) (0.75) (0.37) (0.05) (0.29) (0.34)

income 0.01** 16.06** 13.60** 14.49** 10.91** 17.71**
(0.00) (5.31) (3.40) (0.02) (3.20) (2.83)

urban -0.10 -3.64 2.27 26.49 6.13 7.36
(0.24) (19.77) (13.46) (0.01) (11.01) (11.50)

libop 4.76** 4.38** 3.60** 3.15** 3.63** 2.87**
(0.95) (0.93) (0.36) (0.11) (0.37) (0.37)

init 33.00 -33.94
(18.10) (17.24)

init x libop -2.34* -2.09**
(1.12) (1.08)

constant 107.04* 58.28** 56.453* 89.21** 27.19**
(53.54) (27.09) (0.00) (22.00) (25.16)

init -8.60 0.01 -0.18 -0.01
(8.60) (0.76) (0.59) (0.47)

initp 0.59 0.01 -0.10
(1.08) (0.08) (0.08)

pro�egi 57.30** 2.43**
(16.06) (0.50)

turnhous -0.09 -0.01
(0.17) (0.01)

constant2 11.99** 3.03** 3.06** 2.73**
(6.15) (0.25) (0.14) (0.25)

��� 25.57 11.49 15.46 15.39 12.95
(1.06) (0.02) (0.10) (0.03)

�

�

��� � -3.92
(3.38)

llik -189.66 -195.40 -195.18 -187.08
n 47 47 47 47 47 47
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Table7: ExplainingERA

OLS mle(linearoutcomeequation) mle (exponentialoutcomeequation)
lascheret al replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.15** 0.12** -0.01 -0.01 -0.01 0.11** -0.01 -0.02**
(0.07) (0.06) (0.01) (0.01) (0.01) (0.03) (0.01) (0.01)

income 0.00 0.23 0.00 -0.10 0.00 -0.36 -0.10 0.19*
(0.00) (0.40) (0.10) (0.10) (0.10) (0.30) (0.17) (0.14)

urban -0.03** -3.41** 0.83** 1.01** 0.83** 0.14 1.49** -0.26
(0.02) (1.51) (0.49) (0.51) (0.58) (0.98) (0.61) (0.68)

libop 0.27** 0.24** 0.00 0.00 0.00 0.26** -0.00 -0.03**
(0.07) (0.07) (0.02) (0.02) (0.02) (0.04) (0.02) (0.02)

init -2.69** -2.52**
(1.29) (1.31)

init x libop -0.08 -0.08
(0.08) (0.08)

constant -0.63 3.37** 3.56** 2.78** 3.70** 3.42** 2.12**
(4.08) (0.84) (0.87) (0.86) (1.88) (0.89) (1.04)

init -0.04 -0.52 -0.27 0.44** -0.41** -0.33**
(0.15) (0.44) (0.26) (0.23) (0.20) (0.18)

initp 0.06 0.04 0.04* 0.02
(0.05) (0.03) (0.02) (0.02)

pro�egi 1.05 0.70
(0.70) (0.25)

turnhous 0.00 0.00
(0.00) (0.00)

constant2 2.76** 2.82** 2.40** 0.38 1.08 0.95
(0.15) (0.15) (0.24) (0.16) (0.04) (0.08)

� � 1.95 0.71 0.67 0.70 1.13 0.55 0.57
(0.05) (0.05) (0.05) (0.00) (0.00) (0.00)

�

�

��� � 0.44 0.38 0.47
(0.12) (0.13) (0.13)

llik -35.79 -35.07 -72.33 -38.98 -40.17
n 47 47 47 47 47 47 47 47
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Table8: Explaininggambling

OLS mle(linearoutcomeequation) mle(exponentialoutcomeequation)
lascheretal replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 1.77 -1.30 6.77** 1.42 1.50 6.35** 1.66 5.80**
(3.65) (3.11) (1.76) (1.36) (1.42) (1.65) (1.37) (1.76)

income -0.01 11.05 -1.30 22.50** 20.40* -0.83 21.69* 1.23
(0.01) (21.94) (13.10) (11.10) (11.50) (13.79) (11.83) (15.62)

urban 0.54 -34.26 27.08 -41.97 -33.66 19.53 -33.50 -6.50
(0.96) (81.60) (50.22) (42.65) (41.56) (49.52) (43.69) (58.42)

libop 24.7** 23.65** 17.04** 7.88** 8.09** 17.32** 7.91** 16.05**
(3.70) (3.83) (1.63) (1.65) (1.66) (1.69) (1.66) (1.76)

init -84.80 -67.89
(71.10) (71.16)

init x libop -10.10** -9.83**
(4.40) (4.44)

constant 570.06** 44.92 102.37 115.86 76.21 90.28 78.47
(221.01) (124.15) (105.89) (114.29) (119.12) (109.08) (118.19)

init -10.60 -60.68* -45.67 -0.08 -0.55 -0.19
(19.72) (35.14) (31.65) (0.22) (0.44) (0.57)

initp 3.07 0.91 0.03 0.00
(4.12) (4.04) (0.05) (0.07)

pro�egi -16.21 -0.29
(59.73) (0.86)

turnhous -0.57 -0.01
(0.65) (0.01)

constant2 95.98** 126.39** 142.30** 4.54** 4.83** 4.86**
(13.04) (12.10) (24.40) (0.14) (0.10) (0.29)

��� 105.54 57.54 59.24 58.19 62.97 54.12 62.16
(4.22) (4.66) (4.56) (0.17) (0.14) (0.17)

�

�

��� � -11.30 10.23 8.59
(14.92) (12.66) (12.52)

llik -260.92 -253.97 -253.85 -261.39 -254.28 -260.79
n 47 47 47 47 47 47 47
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Table9: Explainingmedicare

OLS mle(linearoutcomeequation) mle(exponentialoutcomeequation)
lascheretal replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.22 0.32 0.03 -0.21 -0.19 0.24 0.43** -0.15
(0.47) (0.40) (0.16) (0.17) (0.19) (0.27) (0.25) (0.17)

income 0.00 -1.41 2.80* 5.10** 3.30* 2.69* 3.98** 5.49**
(0.00) (2.80) (1.50) (1.60) (1.90) (1.71) (1.93) (1.61)

urban 0.07 11.91 10.93* 8.04 14.09** 16.31** 1.44 0.42
(0.12) (10.42) (5.63) (6.09) (6.19) (7.82) (8.19) (5.33)

libop 1.64** 1.87** 0.56** 0.42** 0.56** 1.31** 1.19** 0.48**
(0.48) (0.49) (0.19) (0.20) (0.19) (0.21) (0.17) (0.19)

init -10.40 -11.34
(9.20) (9.09)

init x libop -0.74 -0.76
(0.57) (0.57)

constant 138.02** 104.77** 99.77** 111.35** 93.80** 77.61** 96.87**
(28.23) (11.70) (12.19) (13.12) (13.87) (14.60) (12.72)

init -1.82 -10.48** -9.03** 0.07 -0.85** -1.14**
(2.03) (4.36) (4.41) (0.17) (0.45) (0.38)

initp 1.18* 0.88 0.11** 0.14**
(0.54) (0.59) (0.04) (0.04)

pro�egi 10.80 0.67
(7.17) (0.55)

turnhous -0.01 -0.00
(0.08) (0.01)

constant2 13.38** 13.75** 11.49** 2.44** 2.39** 2.51**
(1.38) (1.41) (2.92) (0.12) (0.13) (0.23)

��� 13.48 5.01 5.79 5.88 6.98 7.24 6.28
(0.48) (0.56) (0.53) (0.01) (0.01) (0.02)

�

�

��� � -2.73 -1.18 -0.99
(1.49) (1.60) (1.63)

llik -155.90 -154.79 -154.15 -158.04 -159.75 -153.06
n 47 47 47 47 47 47 47 47
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Table10: Explainingtaxes

OLS mle(linearoutcomeequation) mle(exponentialoutcomeequation)
lascheretal replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.18 0.22 0.02 0.01 - 0.11** -0.01 0.09*
(0.14) (0.12) (0.05) (0.05) (0.04) (0.05) (0.06)

income 0.00 -0.70 0.30 0.40 -0.23 0.37 0.65*
(0.00) (0.85) (0.50) (0.50) (0.48) (0.34) (0.52)

urban 0.00 2.36 2.18 1.29 0.21 0.18 -3.27**
(0.04) (3.17) (1.55) (1.77) (1.80) (1.63) (1.98)

libop 0.37** 0.37** 0.33** 0.33** 0.37** 0.35** 0.35**
(0.15) (0.15) (0.06) (0.06) (0.06) (0.05) (0.06)

init -3.37 -3.75
(2.81) (2.77)

init x libop -0.16 -0.18
(0.17) (0.17)

constant -7.31 -2.64 -2.61 -3.90 -0.08 -8.56**
(8.59) (5.62) (5.50) (3.69) (2.00) (4.30)

init 0.21 -1.14 0.17 -0.62** -1.13**
(0.65) (1.47) (0.21) (0.29) (0.60)

initp 0.19 0.10** 0.17**
(0.19) (0.02) (0.06)

pro�egi 0.26
(0.84)

turnhous -0.01*
(0.01)

constant2 3.44** 3.42** 1.09** 1.22** 1.26**
(0.43) (0.43) (0.15) (0.15) (0.24)

��� 4.10 1.61 1.62 2.28 2.15 2.12
(0.18) (0.19) (0.00) (0.01) (0.01)

�

�

� � � -0.94 -0.87
(0.60) (0.61)

llik -103.24 -102.72 -105.35 -102.70 -101.97
n 47 47 47 47 47 47 47
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Table11: Explainingsummarypolicy index (zpolicy)

OLS mle(linearoutcomeequation) mle (exponentialoutcomeequation)
lascheret al replication init init init init init init

initp initp initp initp
controls controls

b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)

HSgrad 0.04** 0.04** 0.02** -0.01 0.02** 0.01** 0.05**
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

income 0.00 0.64 0.10** 0.30** 0.14** 0.17** 0.06
(0.00) (0.10) (0.10) (0.10) (0.05) (0.06) (0.08)

urban 0.00 0.32 0.27 -0.03 0.39** 0.06 -0.34
(0.00) (0.38) (0.20) (0.21) (0.20) (0.26) (0.35)

libop 0.11** 0.11** 0.11** 0.09** 0.10** 0.11** 0.08**
(0.02) (0.02) (0.01) (0.01) (0.01) (0.01) (0.01)

init -0.51 -0.51
(0.33) (0.33)

init x libop -0.03 -0.03
(0.02) (0.02)

constant -1.72 -0.68 -0.30 -1.61** -0.95** 4.65
(1.04) (0.55) (0.50) (0.39) (0.48) (9.30)

init 0.07 -0.38** 0.19 -0.39 -0.02
(0.08) (0.15) (0.18) (0.38) (0.05)

initp 0.06** 0.08* 0.01
(0.02) (0.04) (0.01)

pro�egi -0.55** -0.26
(0.31) (0.34)

turnhous -0.00 0.00
(0.00) (0.00)

constant2 0.39** 0.67** -0.96** -0.97** 2.03**
(0.05) (0.12) (0.12) (0.13) (1.22)

��� 0.49 0.26 0.27 0.25 0.25 0.40
(0.02) (0.02) (0.00) (0.00) (0.00)

�

�

��� � 0.00 0.07
(0.07) (0.06)

llik -2.70 1.79 -1.41 -1.35 -23.11
n 47 47 47 47 47 47 47
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7 Conclusion

In the currentdiscussionof the merits and drawbacksof direct legislation both in

the statesand aroundthe world, misguidedgeneralizationsoften lead to erroneous

statementsaboutthe effect of direct legislation. Systematicstudiesof the effect of

direct legislationon policy outcomes(e.g.,Matsusaka1995and2000,Gerber(1996

and1999),Kirchgässner, Feld andSavioz 1999,Feld andMatsusaka2000,Gerber

andHug 2001)cometo morenuancedconclusionsthatjournalisticassessments(e.g.,

Schrag1998andBroder2000)or studiesrelyingoncasestudies(e.g.Smith1998).

But even amongthe more systematicstudiesit hasoften proved elusive to �nd

demonstrableeffectsof directlegislationonpolicy outcomesof thetypewewouldex-

pectfrom theory. In this paperI arguedthatthereasonfor this elusive questis largely

attributableto faulty empiricalmodels.Basedon thebasicimplicationof mosttheo-

reticalmodels,I derivedtwo empiricalmodelswhichimproveonthemodelscurrently

usedby researcherstrying to show that direct legislation haspolicy consequences.

More precisely, thesemodelsdirectly acknowledgethe fact that the effect of direct

legislationis contingenton thepreferencesof at leastthevoters.Takingthis into con-

siderationin the empiricalmodelsI employedin this paper, I wasableto show that

resultsobtainedby Lascher, HagenandRochlin (1996)areproblematic,anddo not

allow for the rejectionof the theoreticallyderivedhypothesis.More precisely, using

theirdatasetandreplicatingtheiranalysisbothwith theirempiricalmodelandtheones

proposedhere,I demonstratedthattheimprovedempiricalmodelsyield resultslargely

in synchwith theory. In addition,bothempiricalmodelsproposedhereyield largely

similar results,testifyingto therobustnessof theresultsdiscussedhere.

Thisempiricalinvestigation,however, ishardlysuf�cient to demonstratethemerits

of the empiricalmodelsproposedhere. Futureresearchhasto show to what degree

the simplifying assumptionsemployedto derive the two empiricalmodelsaffect the

propertiesof the estimatesobtainedwith their help. Only Monte-Carlosimulations,

especiallygiventheimportanceof small-sampleproperties,canyield answersto this

importantquestion.Futurewill tell.
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8 Appendix

Table12reportsthedescriptivestatisticsof thevariablesemployedin this paper.

Table12: Descriptivestatistics

variable minimum mean maximum stddev N
INIT directlegislationdummy 0 0.45 1 0.5 47
INITP lowestsignaturerequirementfor initiative 0 3.28 15 4.12 47
libop stateideologymeasure -28 -14.6 -0.81 7.3 47
income meanincome1980 6.68 9.01 11.54 1.17 47
HSgrad percentof highschoolgraduates 53 66.4 80 7.32 47
urban percentof urbanpolicy 0 0.53 0.93 0.25 47
ADC80 87 241.36 400 83.45 47
CONSUME2 4 13.57 21 3.85 47
CRIMJUS2 -100 153.19 400 131.63 47
EXPPUPIL 168 237.85 376 47.99 47
ERABOLES 0 3.74 6 2.63 47
GAMBLING 0 257.45 600 171.62 47
MEDICAR2 100 125.94 159 17.7 47
LOWRY2 -13 -3.45 7 4.67 47
ZPOLICY -1.55 0 2.13 1 47
TURNHOUS turnouverratein statehouse 2 21.7 55 12.88 47
PROFLEGI professionalizationof legislature 0.04 0.22 0.66 0.15 47
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