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Abstract

Most theoreticalmodelspredictthat institutionsallowing for direct legisla-
tion shouldlead, on average,to policies more closelyre ecting the wishesof
the voters. While someagreemengxists at the theoreticallevel aboutthe ex-
pectedpolicy consequencesf direct legislation, empirical evidencehasbeen
scantso far. In this paperl discussthe reasondor this scantnes®f empirical
evidence hamelytheintricaciesof the adequatempiricalmodelto testthetheo-
retical proposition,andsuggespossiblesolutionsto this problem.Re-analyzing
a datasetvith which someauthorshave foundno evidencein supportof thethe-
oreticalclaim, | shav thatwith betteradaptecempiricalmodelswe nd results
in synchwith our theoreticalexpectations.Thus,policiesin stateshatallow for
directlegislationre ect on averagemorecloselythevoters'wishes.

Thanksare dueto Chris Achen,Mel Hinich, Tse-Min Lin, JohnMatsusakaPhil Paolino, and
GeopeTsebelidor enlighteningdiscussionsn theintricaciesof the statisticaissuesn this paperand
Ted Lascherfor sharinghis dataset.Partial nancial supportby the SwissNational ScienceFounda-
tion (GrantsNo. 8210-04654%nd 5004-0487882) is gratefully acknavledged. | assumeesponsi-
bility for all remaining aws anderrors. Futureversionsand additionalanalyseswill be available at
http://uts.cc.uteas.edBimonhug/pcdi/

Burdine564;Austin, TX 78712-1087USA; phonet+15122327273;fax: +15124711061;email:
simonhug@uts.cc.utas.edu.



1 Intr oduction

Direct legislation hasno good press,currently Journalists(e.g., Schrag1998 and
Broder2000),aswell assomeobserers(e.g.,Smith 1998) nd muchat fault with
policiesadoptedn processesf citizen-lavmaking.Implicit in theirassessmenm the
assumptiorthat policiesin statesallowing for direct legislationdiffer from policies
adoptedn statemotallowing citizensto proposeandvote on ballotmeasures.

Both the descriptve andtheoreticaliteratureon directlegislationlargely concurs
with this view. Neverthelessthe effect of institutionsof directlegislationon policies
hasproven more controversialon the empiricallevel. In this paperl arguethatthis
controversyis largely dueto missspec cationsn the empiricalmodelsusedto assess
the effect of directlegislation. More precisely mosttheoreticalmodelssuggesthat
policiesin statesallowing for directlegislationshouldbe biasedtowardthe preferred
policy of the medianvoter! This biasobviously dependson whatthe policy would
have beenin theabsencef institutionsof directlegislation. Hence whencomparing
policiesacrossstatesvith or withoutdirectlegislationit is necessaryo controlfor the
voters'preferencessincethesedeterminghedirectionof the bias.

But mostempiricalspeci cationsusedin theliteratureto assessheeffectof direct
legislationfail to takethis into consideration.Hence,the resultsobtainedare often
biased.While for someempiricalspeci cationsit is relatively easyto determinethe
bias, in othersthis proveselusve. Thus, empiricalmodelstaking into accountthe
theoreticallyderived predictionof the effect of directlegislationshouldaddresghese
problemsdirectly.

| proposen this papertwo empiricalmodelswhich derive directly from the theo-
reticallyimplied predictionson the effect of directlegislation.Both of themarebased
on onerestrictve assumption.In the empirical evaluationbothyield, however, very
similarresultsandsupporthetheoreticalmplicationontheeffectof directlegislation.

The paperproceedsasfollows. In the next sectionl review very briey the lit-
eratureon the policy effectsof directlegislation. In sectionthreel presentrst the
theoreticallyymplied empiricalmodel,beforediscussingspeci cationsthathave been
employedin the literature. | demonstratehat almostall of thesespeci cationsare
basedon erroneousassumptionsvhich inevitably resultin biasesn the estimatecto-

1Owviously, the notionof medianvoteronly appliesin contexts wherethe policy outcomere ects a
one-dimensionglolicy spaceHugandTsebelig2000)andTsebelig2000)proposevaysin whichthe
generakheoreticaideasdiscussedh this paperapplyin multidimensionakpaces.



ef cients whichareof relevance.In sectionfour | usethesdaulty modelsandcompare
theirresultson the basisof a setof policiesthathave beenstudiedby LascherHagen
andRochlin(1996). | demonstrat¢hatthesedifferentfaulty modelscometo widely

divergentconclusionsandnoneof themprovidesclearevidencein supportof thethe-

oreticallyimplied predictionof the effect of directlegislation. In section vel derve

from thetheoreticallyymplied empiricalmodeltwo speci cations gachrelyingonone
simplifying assumptionsolving,however, the problemsof the previousspeci cations.
| usethesetwo empirical speci cationsto re-analyzethe setof policies studiedby

Lascher Hagenand Rochlin (1996)and nd largely consistensupportfor the con-

tentionthat direct legislation biasespolicy outcomesoward the policy preferredby

themedianvoter. Sectionsevenconcludesindchartsfutureresearctavenues.

2 The policy effectsof dir ectlegislation

Thereis alarge consensu# the literaturethat institutionsfor direct legislation af-
fect policy outcome<. Only few authorsike for instanceCronin (1989,232),argue
thatpoliciesdo notdiffer betweerpolitical entitiesallowing for directlegislation,and
thosethatdo not. Fromthe earlyincisive writings of Key and Crouch(1939),which
were largely ignoredby subsequentuthors,it alsoseemedtlearthatthe policy ef-
fectsof directlegislationmay be of two differentsorts. First, the policy effectsmay
be direct, in the sensethat policies are adoptedby voters,which would have failed
in the normallegislative process.Second nstitutionsallowing for directlegislation
may have indirecteffectswhenthelegislatureadoptspolicieswhich it wouldn't have
adoptedvithoutthesenstitutions.Oftensuchindirecteffectsemege,wheninterested
groupsthreatenegislatureswith their own proposalswhich they might try to realize
throughdirectlegislation®

Thesetwo typesof effects appearespeciallyclearly in recenttheoreticalwork.
Steunenbey(1992),Gerber(1996and1999),Moser(1996),MatsusakandMcCarty
(1998) and Hug (1999) all shaw, thatthe overall consequencesf direct legislation
compriseboth directandindirect effects?* Fromthesetheoreticalmodelstwo other

2GerberandHug (forthcoming)discussn muchmoredetailtheissuesnvolvedin this question.

SMatsusakg2000,658) addsa possiblesignalingeffect, namelywhen®. . . electionreturnsfrom
initiative contests.. . corvey informationto representatesaboutcitizen preferenceshatthey later
incorporatéanto policy.”

4Strictly speakingtheincompletanformationmodelsof Steunenbey(1992)andGerber(1996and
1999)do not cover bothtypesof effects. In Steunenbey's (1992)modelinitiativesalwaysoccurif the



importantelementdranspire.First, basedon their theoreticaimplicationsit appears
clearly that sortingout direct from indirect effectsempirically is dif cult. This, be-
causehesetwo effectsinteractandthusform theresultof a stratgic interplayamong
variousactors.Secondthetheoreticaimodelsalsodemonstratéhatthe policy effect
of directlegislation,whetherdirector indirect,is dependenbn atleastthe preferences
of the legislatureandthe voters® The generalthrustof the theoreticalresultsis that
undermostconditions policiesadoptedunderdirectlegislationwill bebiasedoward
the preference®f the medianvoter® For example, if the legislaturewould like to
spend$ 1 million onaschoolbuilding but thevoterspreferspendingb 2 million, then
directlegislationwill, onaveragejeadto higherexpendituresCorverselyif thesame
legislatureis on a spendingspreeand wishesto constructa school-palacdor $ 10
million, directlegislationwill leadto policiescloserto the preferredspendindevel of
frugal voters. Consequentlyin onecasedirectlegislationwill leadto higherexpen-
ditures,while in anotherexpenditureswill belower, dueto directcitizen-lavmaking.
This shaws, thatthe effect of directlegislationis contingenion the preferenceon g-
urationsof themostimportantactors namelyvotersandthe legislature.

In summarythetheoreticaliteraturesuggestshatinstitutionsfor directlegislation
have bothdirectandindirecteffects,but thatthesetwo typesof effectsaredif cult to
separateempirically In addition, the directionof theseeffectsis dependenbn the
voterspreferencesn thesensehatpolicieswill re ect morecloselythesepreferences
underdirectlegislationthanin the absencef theseanstitutions.

statugquois differentfrom thevoters'preferencesyhichimpliesthatonly directeffectsareconsidered.
In Gerbers (1996and 1999) modelvotesnever occurin equilibrium, sincethe legislatureanticipates
voterandinterestgroupreactionsThus,the predictedpolicy effectsareonly of theindirectnature.

SMost modelscomprisealso an interestgroup or an opposition,which triggersdirect legislation.
Giventhatvarioussuchgroupsmay ful Il this role, their preferencesvill empirically be of lessrele-
vance.

81t hasto be notedthattwo models nd that undervery speci ¢ conditions,votersmay be worse
off underdirectlegislation. Matsusakaand McCarty (1998) show thatif the legislatureattemptsto
be a perfectagentof the voters,without knowing the latter's preferencest maytry to preemptballot
measuresy adoptingpolicieswhich are detrimentalfor the voters. This occurs,however, only if
the legislaturewishesto buy off an extremeinterestgroup. Similarly, Hug (1999)also nds that if
thelegislatures andthe voters' interestare close,directlegislationmay leadto policieslesspreferred
by the voters,becausehe legislaturewishesto avoid ballot measuresin both models,however, this
detrimentaleffect is dependentn the voters' preferences.For instanceproposition3 in Matsusaka
and McCarty (1998, 16) statesthat policy outcomesamay be more extreme underdirect legislation,
where“extremenessfts implicitly de ned by the distanceébetweertheadoptedoolicy andtheexpected
valueof thevoters' preferencesThus,both positive andnegative effectsof directlegislationfrom the
perspectie of votersarecontingenbn thelatter's preferences.



3 The empirical models

While theseinsightsfrom the theoreticaliteraturearelargely agreedupon,empirical
evidencein their supporthaslong provento be elusve, or undersharpattack.Strictly
speakinghetheoreticamodelsimply anempiricalmodelof thefollowing type:’

(1)

where isameasuref aparticularpolicy adoptedn entity isthemedian
voter'spreferredoolicy inthisarea, isanindicatorvariablefor thepresencef direct
legislationand  apossiblyemptysetof controlvariables.

An earlyempiricalinvestigatiorappearsn Pommerehnél978aand1978b),who
proposesanempiricalstudybasedon datacovering roughly 100 Swisscities. On the
basisof aggrgatemeasurethe authorestimates medianvotermodel,predictingthe
demandfor public goods,or more preciselyfor spendingevels® In essencePom-
merehnes (1978aand1978b)modelis of thefollowing type

(2)

Sincenodirectmeasuremerfor themedianvoter's preferenceareavailable,
standsherefor a setof variablesrelatedto the medianvoter's demandfor public
goods’ This modelis estimatedfor two setsof cities, namely thoseallowing for
referendum®n certainexpendituresandthosewhich do not allow for suchreferen-
dums.Pommerehnél978aand1978b) nds thathis empiricalmodelperformsmuch
better( is smaller)for the setof cities allowing scal referendumsthanfor those
which do not have this institution. He takesthis asevidencethatthe voters' wishes

"Matsusakgforthcoming)suggestsisingthe squareof the differencesbut this alternatve speci -
cationwould notaltersigni cant ary of thederivationsandstatementghatfollow.

8The medianvoter modelin this contet is in somesensea translationof Black's (1958) median
votertheoremto theempiricallevel. More preciselywork in this tradition,startingwith Bowen(1943),
suggestghat voting may allow for determiningthe citizens' “demand”for public goods. This liter-
ature(e.g.,Holcombe1989for a review) amguesthat the medianincomeis a superiorpredictorin a
demandfunctionfor public goods. Romerand Rosenthal1979) questionthoroughlythe theoretical
andempiricalfoundationdor this claim.

9Below | will arguethat this short-cutis problematic,sincewe seldomhave a perfectpreference
measure.Hence,our variablesmeasurewith error the quantity of interestto us, namelythe median
voter's preferredpolicy outcome.



arebetterrespectedh citieswith a scal referendunthanin theremainingeities1° To
assessvhetherthis empiricalsetupis warranted the questionis whetherequation2
canbederivedfrom equationl. Rearrangingequationl for two possiblecasegields
thefollowing:

3)

It follows in a straightforwardmannerthat equation2 follows from equation3,
only if is zero,which reducesothequationdo equation2. But obviously
if thetheoreticaimodelsarecorrect is notequalto zero,which impliesthat

, asomitted variablein equation2, becomegpart and parcelof . In addition,
since isequalto 1 for directlegislationstatesandO otherwisethis omittedvariable
inducesheteroskedasticitygf a very predictableype. Estimatingequation2 basedn
thewhole setof obsenrations,however, hasasadditionalproblemthat becomesa
classicabmittedvariable.Theoreticallywe know thatits effectis differentfrom zero,
andwe may suspecthat is correlatedwith someincludedvariables.Hence,both
slopeestimatesind,asa consequenceheresidualswill be biased.

Pommerehng¢1978aand 1978b)partly circumwentsthis problemby estimating
two setsof equationspnamelyonefor directlegislationmunicipalities andtheotherfor
theremainingcities. Inspecting3 it follows rathereasilythat  shouldbe smallerfor
directlegislationstateghanfor theremainingstatesThisis exactlywhatPommerehne
(1978aand1978b)usedascriterionto assestheeffectof directlegislation.But, obvi-
ouslytheestimate®btainedoy Pommerehnarebasedn anerroneouspeci cation.
Thus, the residualsare alsobiasedestimatesof the error terms,which suggestshat
assessinghevarianceof theresidualgs problematic.

This approachfell in somedisreputeafter the more generalcritique leveled by
RomerandRosentha(1979)againstthe so-calledmedianvoter model. But their ar-
gumentfocusedon the usefulnes®f usinga particularsummaryof the incomedis-

1%He alsoassessetbe elasticitiesof the demandunctionwhich correspondgivenhis linearspeci -
cation,to the slopecoefcients. As will becomeapparenbelow, this interpretatioris problematiqsee
Matsusakdorthcoming).



tribution (the median)to predictdemandor public goods,nsteadof ary otherdistri-

butionalsummary Eventhoughthe forceful critique of RomerandRosentha(1979)
alsodirectlyrefersto Pommerehng'(1978a)work, their critiquedoesnotdealdirectly
with the questiondiscussechere. NeverthelessPommerehng'(1978aand 1978b)
crudeapproaclyieldsonly correctassessmentm theeffectof directlegislationunder
very restrictive assumptions!

Probablyin partdueto RomerandRosenthak (1979)critique of the medianvoter
model,subsequerduthorsrefrainedfrom relying on Pommerehne'pioneeringwork.
Almostall empiricalmodelsattemptingo estimateheeffectof directlegislationsince
then,employedhefollowing modelor a variationthereof(e.g.,Chicoine , Walzerand
Deller 1989):

(4)

The effect of direct legislationis thentestedfor by assessinghe size and sign
of theestimated . But a comparisorbetweenequation4d andequation3 quickly
highlightsa shortcomingpf this approachTheestimateof  is only unbiasedinder
the assumptiorthat either or for all 's. If this
conditionis violated,theestimatgor  is biasedowardzero.

The empiricalmodelreportedin equation4 hasbeenextensvely usedin studies
of Americanstatesand municipalities,aswell asof Swisscantonsandcities. Inter-
estinglyenoughdespitetheinherentbiasin the estimatedeffectsof directlegislation,
most,if notall, studiesnd astrongandsigni cant effectfor directlegislation.Hence,
Matsusakd1995) nds thatAmericanstateswith directlegislationhave lower spend-
ing levels betweerthe 1960sandthe 1990s. Feld and Matsusakg2000) nd similar
effectsfor Swisscantons? Interestingin this context is Matsusaka (2000) nding
thatin the rst half of the20thcenturydirectlegislationstateshadhigherspendindev-
elsthanthe stateswithout theinitiative processThis nding, comparedo theresults
obtainedn Matsusakd1995)clearlyillustratesthelogic of equatior3. As Matsusaka
(2000)illustrateswith qualitatve material the preferencesf thevotersin the rst half
of the 20th centurywere quite differentfrom thoseof their fellow citizensat the end
of thelastcentury Hence ,moststatesstartedoff in a situationcharacterizedby one

1t hasto benotedhere thatthe derivationof equatior2 from 3 reliesin parton theassumptiorthat
is aperfectmeasuref the medianvoter's preferredoolicy outcome.
127 carefulreview of mostwork in thistraditionappearsn KirchgassnerFeldandSavioz (1999).

7



equatiorof 3 andhave movedto the otheronein the courseof the century*3
Theproblemwith thisapproachs thatit doesnotallow the effectof directlegisla-
tion to be dependenon the voters' preferencesWhile Matsusaka (1995and2000)
work clearlyshavsthatpreferencesliffer acrosdime, it is perfectlypossiblethatthey
might alsodiffer acrossspace As arguedabove, ngglectingthis conditionalin uence
of directlegislationbiaseslovnwardtheestimatecffect. An attempto overcomethis
dif culty andto proposeanadequatempiricalmodelappearsn Gerbers (1996and
1999)work. Shestudiestwo policies,namelyparentakconsentaws for teenagebor
tionsandthedeathpenalty For both policiessheaggreatespreferenceneasures$or
the fty statespasedonsurney questionsonthesetwo policies. Sinceherdependent
variablesaredichotomouspamelypresencer absencef thesepolicies,sheemploys
alogit setup. Thus,startingoff from somethingsimilar to equationl shederivesthe
following empiricalmodelfor dichotomougolicies(omitting ary controlvariables):

(5)

In herempiricalmodelappeathe aggrgatedpreferencaneasurd ), the pref-
erencemeasuranteractedwith a dummyequalto onefor all stateswith directleg-
islation, andvariouscontrol variablest* She nds for both policiesthatthe effect of
preferencesnthelog-oddsratiois strongerin stateswith directlegislationthanin all
otherstateq andthesignsof and areidentical)® Her empiricalspec-
i cation is adequatebecausehe preferencevariablecanbe consideredisa measure
of thelatentconstrucimplicit in logit-models.On this constructhereexists a cutoff
point above which a majority of votersprefersa given policy.*® The empiricalmodel
thenassessesow swiftly the predictedpolicy switchesin directlegislationstatesand
all othersasthe preferencesnove alongthis continuum.As is obviousfrom the logit

B0Onviously, the directionof the movementdepend®n how we de ne and

14This empiricalmodelcorrespondslmostcompletelyto Bartels' (1991) model,which he usesto
assessvhetherconstitueng opinionsin uence the voting behaior of congressmein the areaof de-
fense.Onevariable whichaccordingo Bartels(1991)mightreinforcethisrelationshipjs thecloseness
in the electionof the congressmankHence,he employsboth constitueng preferenceaswell asthese
preferencemteractedvith ameasurdor electoralclosenessamongothers asindependentariables.

Employingthe sameempiricalmodelGerberandHug (2001) nd similar resultsfor variouspoli-
ciesaimingat protectingminorities.

18Giventhe fact that policiesfor teenageabortionsandthe prevalenceof the deathpenaltydiffers
from stateto state,it is likely thata uniform questionon thesetwo policiesusedin the surweys elicits
nota preciseevaluationof the policieson booksin therelevantstates.



speci cation, if the overall effect of preference®n the log-oddsratio is bigger this
suggestshatpolicy reactanoreswiftly to changesn voterpreferences.

Drawing directly or indirectly on this previouswork, LascherHagenandRochlin
(1996) aswell as Camobrecd1998) attemptto build on Gerbers (1996 and 1999)
work, aswell asMatsusaka (1995)for policiesmeasure@n continuouscales.They
employasdependenvariablesa seriesof policies,e.g. schoolexpendituresor tax
revenues.As in Gerber(1996and1999)theseauthorsemploya preferencaneasure
andinteractthis preferenceneasurealsowith a dummyfor directlegislationstates.
Theirresultsaremixedat bestandin essencgrovide no evidencefor thetheoretically
groundedhypothesighat voters' preferencesire betterre ectedin policiesin direct
legislationstates.Matsusakgforthcoming)demonstratedyowever, thattheir empir
ical modelis inadequate.The reasonwhy canbe seenrathereasily by inspectinga
simpli ed versionof their model:

(6)

Comparingequationt with equationl clearlysuggeststhatthereis nowayto get
from oneequationto the other Matsusakdforthcoming)implicitly demonstratethis
factandrightly arguesthattheresultsreportedoy LascherHagenandRochlin(1996)
and Camobrecq1998) do not relateto the theoreticalquestiontheseauthorspose.
Hencetheir conclusionsaboutthe non-efectof directlegislationarequestionable.

4 What canfaulty empirical modelstell us?

Sofar we exploreda seriesof empiricalmodelsthathave beenproposedo studythe
effect of directlegislationon policy outcomes.The modelthatre ects mostclosely
thetheoreticamodelimplied by mostformalwork, namelyGerbers (1996and1999)
logit speci cation, however, only appliesto dichotomougolicies. Simply transpos-
ing her speci cationto a modelfor a continuouspolicy clearly fails, as Matsuaka
(forthcoming)demonstrates But how do the differentempirical speci cationsdis-
cussedabove fare in the caseof the setof policies studiedby Lascher Hagenand
Rochlin (1996)? Theseauthorsusemeasuregor eight policiesadoptedat the state
level, aswell asa summaryindex coveringthesepolicies(Table1).!” Thesepolicies

"Descriptive statisticsfor thesepolicies, aswell asfor all othervariablesemployedin this paper
appeatn theappendix.For moreprecisede nition of thevariables] referto the sourcesnentionedn

9



Tablel: Policiesandtheir measurement

label policy andsource

adc80 “scopeof Aid to Familieswith DependencChildren” (Erikson,Wright
andMclver 1993,75-78, LascherHagenandRochlin1996,765)
consume2 | “enactmenbf variousconsumeprotectionlaws” (Erikson,Wright and
Mclver 1993,75-78,LascherHagenandRochlin1996,765)

crimjus2 “use of differentapproacheso criminal justice” (Erikson, Wright and
Mclver 1993,75-78,LascherHagenandRochlin1996,765)
exppupil “educationalspendingper pupil” (Erikson, Wright and Mclver 1993,

75-78,LascherHagenandRochlin1996,765)

eraboles “yearsfrom passagef the EqualRightsAmendmen{ERA)" (Erikson,
Wright and Mclver 1993, 75-78, Lascher Hagenand Rochlin 1996,
765)

gambling “extentto which legalizedgamblingis allowed” (Erikson, Wright and
Mclver 1993,75-78,LascherHagenandRochlin1996,765)
medicar2 “scopeof the Medicaidprogram” (Erikson, Wright and Mclver 1993,
75-78,LascherHagenandRochlin1996,765)

lowry2 “tax progressiity” (Erikson,Wright andMclver 1993,75-78,Lascher
HagenandRochlin1996,765)
zpolicy “summaryindex of the eight policies” (Erikson, Wright and Mclver

1993,75-78,LascherHagenandRochlin 1996,765)

areaid for familieswith dependenthildren(adc80),consumeprotectionlaws (con-
sume?2),criminal justice (crimjus2), schoolexpendituresper pupil (exppupil), equal
rightsamendmenteraboles)adoptionof gambling(gambling),medicargmedicar2),
taxes(lowry2) aswell asthesummaryindex (zpolicy). Eachof thesepoliciesLascher
Hagenand Rochlin (1996) regresson the percentagef high schoolgraduategHS
grad),income,the percentagef urbanpopulation,anda measureof stateideology
derivedfrom Erikson,WrightandMclver (1993).LascherHagenandRochlin(1996)
considetthelattervariableasapreferenceroxyfor theeightpoliciesandthesummary
index, while the othervariablesappeamascontrolsin their models.Hence following
equation6 they interacttheir ideologymeasurewith a directlegislationdummy and
introducethelatterasadditionalregressors.

| usethis speci cationby LascherHagenandRochlin (1996)asstartingpoint for
anassessmerf the variousfaulty empiricalmodels.As LascherHagenandRochlin
(1996) theseanalysesnly cover 47 states,sinceaccordingto Erikson, Wright and
Mclver (1993)theideologymeasurdor Nevada,Hawaii andAlaskais unreliable and
thesestatesarethusomitted. Table2 summarizeshecrucialelement®f eachspeci c-
tion.!® Column1 of table2 recapitulatesn somesense_ascherHagenandRochlin's
(1996)result,by only reportingthe adjusted  of areplicationanalysisof their eight
policiesandtheir summaryindex.® | reportthis problematicstatistic,becausé is the

tablel.

8Completeresultscanbe obtainedrom the authorandwill appearshortlyon hisweb-page.

19 reportLascher HagenandRochlin's (1996)results,aswell asmy replicationthereofin columns
1 and2 of tables3 to 11 for eachof thesepolicies.
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Table2: Exploringeightpolicieswith differentfaulty methods

replication di=0 di=1 di=0 di=1 dl dl dl  sig F-test
adj. adj. adj. residuals  residuals b b b joint
sd sd (s.e.) (s.e.) (s.e.) sign.
adc80 0.66 0.77 0.32 48.15 52.99 2.72 17.47 -2.14
(18.47) | (36.07)  (4.49)
consume2 0.38 0.49 0.32 2.41 3.39 -0.69 1.41 -0.3
(1.06) (2.04) (0.25)
crimjus2 0.16 0.20 0.05 92.36 137.25 -27.25 121.35 -21.6** *
(41.93) | (77.4) (9.63)
exppupil 0.72 0.76 0.74 27.78 21.67 -5.26 -14.87 1.4
(9.25) | (18.03)  (2.24)
eraboles 0.45 0.47 0.43 1.87 1.91 -1.39* -0.29 -0.16 *
(0.68) (1.32) (0.16)
gambling 0.62 0.63 0.56 116.2 93.11 66.73* 40.32 3.84
(38.66) | (75.57)  (9.40)
medicar2 0.42 0.47 0.29 12.78 13.27 -0.88 1.43 -0.34
4.77) (9.32) (1.16)
lowry2 0.23 0.31 0.00 3.75 4.14 -1.27 4.07 -0.78* bl
(1.44) (2.64) (0.33)
zpolicy 0.76 0.80 0.66 0.46 0.50 -0.12 0.45 -0.08**
0.17) (0.33) (0.04)
n 47 26 21 (26) 1) 47 47

indicatoron which Pommerehn€1978aand1978b)reliesin his analysesvhencom-
paringcities with directlegislationto thosewithout. The correspondingcomparison
for the Americanstatesappearsn columns2 and3 of table2. In column2 | reportthe
adjusted for theestimatiorbasednthe26 statesvith nodirectlegislation,while in
column3 appeatheadjusted for the21directlegislationstates.Sincethe adjusted

aresystematicallyhigherin column2 thanin column3 we would conclude based
on Pommerehne'(1978aand1978b)approachthatthetheoreticamodelfails to nd
empiricalsupport.

Sucha quick decisionngglects,however, two crucial points. First, Pommerehne'
(1978aand1978b)approachs a very crudeapproximatiorof the theoreticaimodel,
sinceit relegatesheeffectof directlegislationinto thedisturbancesSecondthe as
agoodnes®f t measuresuffersfrom variousshortcomingsOneof themis thatwe
comparehis t measurevertwo sub-samplesyhichare,in addition,of unequakize.
This is especiallyproblematic,sincethe slopecoefcients are estimatedwith more
informationfor the stateswith no directlegislation. A way aroundthis problemis to
estimatehe slopecoefcients for all stategogetherandthento comparehe standard
deviation of theresidualg® Theresultsfor theseanalysesppeain columns4 and5
of table2. In all casesexceptfor theeducatiorexpendituresthestandardieviation of
theresidualss largerfor directlegislationstates.Thus,againwe might be temptedo
rejectthetheoreticamodel.Buttwo reasonspeakagainssuchahastydecision First,

200hviously, suchan estimationraisesagainthe specterof the directlegislationasan omittedvari-
able.

11



giventhe unequalkizeof thetwo subsamplest is obviousthatthe slopecoefcients
re ect more strongly the relationshipfound in the stateswith no direct legislation.
Secondevenif thiswerenottoomuchof aproblemwearestill facedwith theproblem
thatPommerehng'(1978aand1978b)approactdoesnotre ect thetheoreticamodel,
and,giventheomittedvariable Jeadsto biasedresults.

Apart Pommerehneg'(1978aand 1978b)empiricalmodelwe might alsoconsider
thespeci cationmostfrequentlyusedn studiesonexpenditurestaxesanddebtlevels,
whichrely on estimatinghe coefcient for adirectlegislationdummy Usingexactly
thesamespeci cationasLascherHagenandRochlin(1996),but droppingtheinterac-
tion termbetweerpreferencesndthe directlegislationdummy we getthe estimates
for theslopecoefcient of thedummyreportedn column6 of table2. Overalltheesti-
matedslopecoefcients arengyative, with two exceptionspamelythosefor adc80and
gambling.Similarly, only for two policiesis this coefcient signi cant atthe0.1level,
namelyfor theERA-policy andgambling.Again, thisis hardlyoverwhelmingsupport
for thetheoreticamodel. Following our discussiorof theempiricalmodelsabove, we
know, however, thattheseestimatesare biasedtoward zero. A further complication
comesfrom morerecenttheoreticaimodels(e.g. MatsusakaandMcCarty 1998 and
Hug 1999),which suggesthatthe effect of directlegislationdiminishesasthe costs
of submittinga ballot proposalincrease.Consequentlyasthe signaturerequirement
for submittinga proposalincreasesthe effect of directlegislationshoulddiminish?!
This impliesthatwe shouldnot only includea dummyfor directlegislation,but also
the signaturerequirementor the directlegislationstates. The estimatedcoefcients
for the centralvariablesof this modelappeain columns7 and8 of table2. In column
9 | reporttheresultsof a joint signi cancetest?? For threepolicieswe nd ajointly
signi cant effect, namelyfor criminal justice, ERA andtaxes (lowry2). In addition,
for threepolicies,namelycriminal justice,taxesasmeasuredby Lowry andthe sum-
mary indicator (zpolicy) the signaturerequirementis signi cant andof the opposite
signasthedirectlegislationdummy Thisis the casefor all policies,exceptERA and
gambling.Thus,whentakinginto accounimorerecentheoreticakesultswhich stress
theeffectof thesignatureequirementye getsomeadditionalsupportfor thetheoret-
ical model,but overall this supportstill remainsveak. Again, this shouldnot surprise,

2MatsusakandMcCarty (1998),Hug (1999), GerberandHug (2001),and Matsusakg2000) nd
empiricalsupportfor thistheoreticaklaim.
22Throughoutthis paperl usetwo-tailedtestsof signi cance,where indicatessigni cancewith
, while denotes signi cancelevel of
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sinceas emphasizedepeatedlythe effects estimatedwith this empiricalmodelare
biasedowardzero.

5 Appropriate testsof the theoretical model

Strictly speakingequation3 would be the appropriateempiricalmodelto be usedto

assesshe effect of directlegislation. Thereis, however, oneadditionalcomplication,
to whichwe alludedat severalinstancespamelythatwe generallydo not have perfect
measurefor themedianvoter'spreference§ ). Butif wehavetoestimate ,we
cannotderive equatior directlyfrom equationl. We maypresumehat isrelated
to anarrayof variables presumablyinkedto the preferencesf medianvoter:

(7)

Assuming(falsely)linearrelationshipgor bothequationsl and7 we getthefol-
lowing systenmof equations:

(8

Assumingfurtherthat and we may useequatiors to
derive thelog-likelihoodfunctionfor in thefollowing way

9)

Dependingon the assumptionsnadefor the joint distributionof and , thelike-
lihood functionmay be piecedtogether Basedon the assumptiorthat
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and it follows easilythat and
. Hencethe log-likelihood function looks somethingdlike the
following:

(10)

where if andelse . Sincethedistribution functions
in the two piecesof the log-likelihoodfunctiondiffer, an additionalparametehasto
be estimatedwhich correspondgo a multiple of the covarianceof and . Apart
this complicationthe estimatiorof the parameterghroughmaximizingequatioriOis
almosttrivial.

Theestimatiornof theimplicit systemof equatior8 is only possiblebecaus®f the
manifestlyerroneousassumptiorof linear relationships.Given thatthe absolutedis-
tancebetweerthepolicy outcomeandthemedianvoter's preferences to beexplained,
the dependenvariablecan only take positive values. Hence,a correctspeci cation
wouldtakethis into accountfor instanceby assuminghefollowing:

(11)
Assumingagainthat and we mayuseequationll to
arrive atthefollowing equation
(12)
Equation12 mayagainbe disassemblethto two pieces:
(13)
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Sinceoneof theerrorterms( ) entersequationl3 multiplicatively, while the other
() enterst additively, no simplelikelihood functioncanbe piecedtogether Only by
settingone of thesetwo error termsto zerois it possibleto derive a log-likelihood
function?® Setting yieldsthe following expressionwhich againcaneasily
beusedto derive alikelihood function:

(14)

Hencejt appearshatcorrectlyestimatingheparametersf interestn equations
and?7 is only possibleby adoptingoneof two manifestlyfalseassumptionsFirst, we
may assumehatthe equationlinking explanatoryvariablesto the differencebetween
policy outcomeandthe medianvoter's preferences linear Underthis assumptionve
canestimateat the sametime the effect of preferenceanddirectlegislationon policy
outcomes.Secondwe may acknavledgethatthe outcomeequationis nonlineay but
thenassumehatour variousproxy variablescompletelyaccuratelypredictthemedian
voter's preferedpolicy outcome?*

6 Policy consequencesf dir ectlegislation

Thus, the abore discussiorsuggestdwo possibilitiesto estimatethe effect of direct
legislation, both basedon a simplifying assumption.The rst is to assumehatthe
substantie interestingpartof equation8 is alinearrelationship.The secondelieson
thefalseassumptionthatour proxiesfor the preferencesf the medianvoterperfectly
predictthe medianvoter's preferredpolicy outcome.

2Thisis implicitly thestratgy adoptedy Bartels(1991),who regressesis surwey-basedreference
measureon a seriesof constitueng characteristicsand then employsthe predictedvaluesfrom this
auxiliary regressioraspredictorin thevoting equationof congressmenhile this approactaddresses
theissueof measuremerdrrorin the preferencevariable,it is far from certainthatpurgingthevariable
in theway proposedy Bartels(1991)solvesthe matterhighlightedhere.

24This assumeshat . Obviously, we could alsoassumethat , but it seemamuch
lessplausiblethatthe inferred preferencesf the medianvoter plus somecontrol variablesaccurately
predictthe policy outcomein a state asmeasuredy our dependentariables.
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EmployingLascher HagenandRochlin's (1996)dataset explore thesetwo em-
pirical modelswith differentspeci cations?® The resultsappearin tables3 to 11.
In the rst columnof eachtablel reportthe resultstakenfrom Lascher Hagenand
Rochlin’s (1996) article. Column 2 reportsmy replicationof their resultsusing ex-
actly the samespeci cation?® In columns3, 4 and5 | reportthe resultsfrom three
speci cationswherel assumehatthe outcomeequationis linear?’ Thethreespeci -
cationsdiffer by the additionalcontrolvariableghatl introduce.The rst (column3)
is largely areplicationof Lascher HagenandRochlin's (1996)speci cation,though
with the moreappropriateempiricalmodel. Basedon the discussionn the previous
sectionl addin the next speci cationthe signatureequiremenasadditionalvariable
for thedirectlegislationstates® Finally, in thethird speci cationl addtwo additional
control variables’® In columns6, 7 and8 | reportthe resultsfrom the samethree
speci cations,however, underthe assumptiorthat our proxiesfor the medianvoter's
preferredpolicy areperfectpredictors.

As a reminder Lascher Hagenand Rochlin (1996) interprettheir resultsin the
samefashionasBartels' (1991)andGerber(1996and1999)interprettheirsobtained
in a nonlinearframenork of a probit, respectiely logit estimation. Thus,if their in-
terpretationwerecorrect,we would expecta signi cant effect bothfor the preference
measurendthe preferenceneasurenteractedwith the directlegislationdummy In

25 estimatedhe samemodelsalsofor af rmati ve actionpoliciesin public contractingandcompara-
ble worth policies(SantoroandMcGuire 1997). Theresultsarelargely similar, andin additionallow
for ananalysiscovering all 50 states.For brievity' s sake,| refrainfrom reportingtheseresultsin this
versionof thepaper but they will appeaishortlyon my webpages.

26Given the very different scalesof the independentzariablesemployedby Lascher Hagenand
Rochlin (1996), someestimatedcoefcients aredif cult to interpret. For this reasonl divided their
incomemeasurdy 1000,sothatthe estimatectoefcients for this variablebecomemoreeasilyinter-
pretable.Similarly, they only reportthe 0.05signi cancelevels. Giventhe small samplesnvolved, |
reportin all analysedoththe0.1( ) and0.05( ) signi cancelevels. For the resultsthat! directly
guotefrom LascherHagenandRochlin(1996),I canonly derive andreportthe0.05signi cancelevel.

2Tas transpiresrom thetables) fail to reportestimationgor somemodels.Thereasorfor thisis that
the estimationdailed to converge in a reasonabléime-frame. The fault lies with my impatienceand
probablyalsowith the sensitvity of the estimationprocedurdo the startingvalues.Scheduledvonte-
Carlosimulationsshouldgive usamuchmorerobustassessmemf the proposecestimatiorprocedure.
A pointto which| will comebackbelow.

28The direct legislation dummy re ects whethera stateallowed for initiativesin 1990, and thus
excludesMississippifrom theinitiative states.The signaturerequirements zerofor all non-initiative
statesandequalto thelowestpercentagef signaturesequiredfor a ballot measuecrossstatutoryand
constitutionainitiatives.

29Thetwo controlvariablesrelateto characteristicsf thelegislature namelytheturnover ratein the
states houseof representaties(Councilof StateGovernmentsl997)andthe professionalizationf the
statelegislature(Squire1992). Both controlsarealsousedby Gerber(1996and1999)andGerberand
Hug (2001).

16



Table3: ExplainingAFDC

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 4.40 4.76%* 2.68** - 2.59** 2.71* 2.80 3.11
(1.68) (1.43) (0.75) (0.83) (0.90) (0.76) (0.75)
income 0.00 6.50 12.20** 17.30* 10.60** 14.02** 5.93
(0.00) (10.06) (6.10) (6.70) (6.08) (6.65) (6.18)
urban 0.01 2.16 -22.50 -28.28** -15.34 -35.09* -30.91*
(0.44) (37.43) (23.61) (26.32) (22.29)  (24.47) (23.21)
libop 8.35* 8.39** 4.99%* 5.40** 4.84** 4.25%* 3.46**
(.71) (1.76) (0.76) (0.81) 0.77) (0.75) (0.78)
init 78.2%* -79.55*
(32.70) (32.64)
init x libop -6.12%* -6.00**
(2.02) (2.04)
constant -17.99 49.26 22.83 56.21 25.62 52.69
(101.37) (51.02) (55.36) (53.10)  (53.26) (57.36)
init -5.38 -8.17 -0.15 -0.58 -0.62
(8.45) (18.84) (0.18) (0.51) (0.53)
initp 0.68 0.05 0.04
(2.26) (0.06) (0.07)
pro egi -20.88 0.92*
(31.72) (0.66)
turnhous -0.05 -0.01
(0.35) (0.01)
constang 49.25** 54.48* 3.92** 3.96** 3.94**
(6.37) (13.65) (0.13) 0.12) 0.27)
48.41 29.49 29.10 26.83 26.94 26.91
(2.78) (2.90) (0.03) (0.07) (0.07)
4.26 2.89
(7.15) (7.26)
llik -221.21 -221.88 -221.30 -221.49 -221.45
n 47 47 47 47 47 47 47

addition,the sign for thesecoefcients shouldbe identical, sincethe presumptioris
thatthedirectlegislationreinforceshe effect of preferencesnthe policy outcome.
As the rst two columnsin tables3 to 11 shaw, for no policy doesthe predicted
patternappearor the estimatesWhile the effect of the preferenceneasuren policy
is statisticallysigni cant for seven policies,the coefcient for theinteractionis only
statisticallysigni cant for onepolicy, namelygambling. In additionin this case the
effectof theideologyscaleon the adoptionof gamblingis strongandpositve among
thewholesetof stateswhile it is reducecamongthedirectlegislationstatesy almost
half. Consequentlypbasedntheseresults LascherHagenandRochlin(1996)rightly
claim thatthereis no evidencethat direct legislationhasthe effect of a “gun behind
thedoor”
Unfortunatelyasdiscusse@dbove,theirresultsarebasednanerroneougmpirical
model. Thus,it is interestingo explorewhatinsightswe would gleanfrom theresults
obtainedfrom the correctedempiricalmodelsdiscussedabove. Obviously, in both
empiricalmodelsthe crucialtestsshiftsaway from aninteractiontermto the effect of
the directlegislationdummy More precisely the theoreticaimodel predicts,thatits
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Table4: Explainingconsumepolicy

OLS mle (linearoutcomeequation)  mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.25** 0.20** 0.32** -0.00 0.10** 0.07** 0.05*
(0.11) (0.09) (0.05) (0.00) (0.04) (0.04) (0.04)
income 0.00 0.20 -0.30 -0.37 0.94** 1.55** 1.63**
(0.00) (0.63) (1.45) (1.36) (0.36) (0.26) (0.26)
urban 0.04 2.50 -0.00 0.33 0.25 -1.10 -1.55*%
(0.03) (2.35) (0.00) (0.05) (1.37) (1.13) (1.20)
libop 0.15 0.12 0.06 0.06 0.22** 0.25** 0.25**
(0.11) 0.11) (0.05) (0.05) (0.05) (0.05) (0.05)
init 0.46 0.66
(2.05) (2.05)
init x libop 0.09 0.10
(0.13) (0.13)
constant -0.84 -1.24 -2.93 1.51 -0.54 0.19
(6.36) (3.51) (3.40) (2.78) (2.59) (1.82)
init 1.23* -0.73 0.37* -0.62** -0.51*
(0.56) (1.09) (0.26) 0.37) (0.35)
initp 0.28** 0.12** 0.12**
(0.13) (0.02) (0.02)
pro egi -0.41 -0.94*
(2.05) (0.55)
turnhous -0.02 -0.01*
(0.02) (0.01)
constan2 2.36** 2.87** 0.65** 0.78** 1.20**
(0.38) (0.74) 0.17) (0.15) (0.20)
3.04 1.62 1.61 1.74 1.59 1.52
(0.14) (0.14) (0.01) (0.01) (0.01)
-0.26 -0.14
(0.39) (0.38)
llik -91.29 -93.58 -92.78 -88.62 -86.47
n 47 47 47 47 47 47 47

effect shouldbe negative, namelyreducingthe distancebetweenthe medianvoter's
preferredpolicy andthepolicy outcome Lookingatcolumns3 and6 in tables3to 11,
whereexactly the samevariablesasthoseemployedby Lascher HagenandRochlin
(1996) appearwe nd thatfor all policiesthe estimatedeffect of directlegislation
is negative, exceptfor the rst speci cationsin eachsetin tables4, 10 and 11, all
speci cationsin table5, andin oneout of six speci cationsin tables6, 7 and9.

While thesedeviationsfrom the expectedpatternseemat the outsetimportant,a
closerlooks shaws considerablesupportfor the theoreticallyexpectedeffects, espe-
cially whenconsideringhe speci cationincludingthe signaturerequirementFor all
policies,with the exceptionof criminal justicepolicies(table5) we nd the expected
patternof coefcients. Stronglystatisticalsigni cant resultsin supportof thetheoret-
ically predictedeffectsappeain table4,7,9,and10.

Thusour resultssuggesthatfor the consumeipolicies,the adoptionof the equal
rightsamendmenttaxes,aswell asthe summarypolicy index, directlegislationsig-
ni cantly leadsto policiesre ecting morecloselythevoterswishes.For theremaining
policies,westill nd estimatecdcoefcients whicharelargelyin synchwith theory but
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Table5: Explainingcriminaljustice

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 4.22 3.64 1.03 0.97 2.43* 2.45* 2.02
(4.22) (3.55) (1.55) (1.52) (1.65) (1.67) (1.67)
income 0.00 10.57 22.60** 28.70* 6.82 4.61 7.99
(0.02) (25.08) (12.30) (13.40) (13.11) (15.22) (15.79)
urban 0.60 53.25 -29.12 -43.67 -90.22** -82.28* -80.57*
(1.11) (93.29) (52.38) (52.84) (48.85) (56.08) (56.41)
libop 4.27 3.54 7.03** 6.77** 6.31** 6.36** 6.88**
(4.31) (4.38) (1.66) (1.67) (1.62) (1.62) (1.65)
init 15.30 16.79
(82.10) (81.35)
init x libop 3.05 3.21
(3.09) (5.07)
constant -145.60 -18.03 -63.29 23.69 38.16 46.69
(252.67) | (111.37) (118.38) (111.12)  (120.97) (122.47)
init 48.61** 9.76 0.39** 0.50 0.60*
(20.06) (43.74) (0.19) (0.42) (0.41)
initp 5.50 -0.02 -0.02
(5.47) (0.06) (0.05)
pro egi -0.83
(0.88)
turnhous -0.01
(0.01)
constang 71.25% 70.33* 4.50 4.51 4.73
(13.24) (13.03) (0.16) (0.16) 0.27)
120.66 70.02 71.80 61.41 61.35 60.31
(5.34) (5.48) (0.16) (0.16) (0.16)
17.30 22.07
(15.97) (15.82)
llik -260.70 -260.22 -260.21 -260.17 -259.37
n 47 47 47 47 47 47 47

mostof themfail to be statisticallysigni cant, thoughof the expectedsign. Compar
ing theseresultsto thosereportedin Lascher HagenandRochlin (1996),it appears
thatboth a faulty empiricalmodel,aswell asthe omissionof a crucialindependent
variable, namelythe signaturerequirementmay explain thesestriking differences.
While Matsusakgforthcoming)demonstratethat their empiricalmodelcannotpro-
vide resultswhich speakto the theoreticallyderived hypothesisthe resultsreported
hereshav thattheirresultsareerroneousFindingcomfortin thefactthatbothempir
ical speci cationsproposedn this paperargely yield concurringresultswith respect
to the estimate®f centralinterestin the context, the modelsproposecereappeato
performadequately
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Table6: Explainingeducation

OLS mle (linearoutcomeequation)  mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e) (s.e) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.48 0.79 - - 1.70** 1.24** 1.55** 1.33*
(0.93) (0.75) 0.37) (0.05) (0.29) (0.34)
income 0.01** 16.06** 13.60** 14.49* 10.91* 17.71%
(0.00) (5.31) (3.40) (0.02) (3.20) (2.83)
urban -0.10 -3.64 2.27 26.49 6.13 7.36
(0.24) (19.77) (13.46) (0.01) (11.01) (11.50)
libop 4.76%* 4.38%* 3.60** 3.15** 3.63** 2.87**
(0.95) (0.93) (0.36) (0.12) 0.37) 0.37)
init 33.00 -33.94
(18.10) (17.24)
init x libop -2.34* -2.09**
(1.12) (1.08)
constant 107.04* 58.28* 56.453* 89.21* 27.19*
(53.54) (27.09) (0.00) (22.00) (25.16)
init -8.60 0.01 -0.18 -0.01
(8.60) (0.76) (0.59) (0.47)
initp 0.59 0.01 -0.10
(1.08) (0.08) (0.08)
pro egi 57.30** 2.43**
(16.06) (0.50)
turnhous -0.09 -0.01
0.17) (0.01)
constan2 11.99** 3.03** 3.06** 2.73*
(6.15) (0.25) (0.14) (0.25)
25.57 11.49 15.46 15.39 12.95
(1.06) (0.02) (0.10) (0.03)
-3.92
(3.38)
llik -189.66 -195.40 -195.18 -187.08
n 47 47 47 47 47 47
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Table7: ExplainingERA

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.15** 0.12** -0.01 -0.01 -0.01 0.11** -0.01 -0.02**
(0.07) (0.06) 0.01)  (0.01) (0.01) (0.03) (0.01) (0.01)
income 0.00 0.23 0.00 -0.10 0.00 -0.36 -0.10 0.19*
(0.00) (0.40) 0.10)  (0.10) (0.10) (0.30) 0.17) (0.14)
urban -0.03** -3.41% 0.83** 1.01** 0.83** 0.14 1.49* -0.26
(0.02) (1.51) (0.49)  (0.51) (0.58) (0.98) (0.61) (0.68)
libop 0.27** 0.24** 0.00 0.00 0.00 0.26** -0.00 -0.03**
(0.07) (0.07) 0.02)  (0.02) (0.02) (0.04) (0.02) (0.02)
init -2.69* -2.52*
(1.29) (1.31)
init x libop -0.08 -0.08
(0.08) (0.08)
constant -0.63 3.37** 3.56** 2.78** 3.70** 3.42** 2.12**
(4.08) 0.84)  (0.87) (0.86) (1.88) (0.89) (1.04)
init -0.04 -0.52 -0.27 0.44** -0.41* -0.33*
(0.15)  (0.44) (0.26) (0.23) (0.20) (0.18)
initp 0.06 0.04 0.04* 0.02
(0.05) (0.03) (0.02) (0.02)
pro egi 1.05 0.70
(0.70) (0.25)
turnhous 0.00 0.00
(0.00) (0.00)
constan2 2.76** 2.82** 2.40** 0.38 1.08 0.95
(0.15)  (0.15) (0.24) (0.16) (0.04) (0.08)
1.95 0.71 0.67 0.70 1.13 0.55 0.57
(0.05)  (0.05) (0.05) (0.00) (0.00) (0.00)
0.44 0.38 0.47
(0.12)  (0.13) 0.13)
llik -35.79 -35.07 -72.33 -38.98 -40.17
n 47 47 47 47 47 47 47 47
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Table8: Explaininggambling

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 1.77 -1.30 6.77** 1.42 1.50 6.35** 1.66 5.80**
(3.65) (3.11) (1.76) (1.36) (1.42) (1.65) 1.37) (1.76)
income -0.01 11.05 -1.30 22.50* 20.40* -0.83 21.69* 1.23
(0.01) (21.94) (13.10) (11.10) (11.50) (13.79) (11.83) (15.62)
urban 0.54 -34.26 27.08 -41.97 -33.66 19.53 -33.50 -6.50
(0.96) (81.60) (50.22) (42.65) (41.56) (49.52) (43.69) (58.42)
libop 24.7** 23.65* 17.04* 7.88** 8.09** 17.32* 7.91%* 16.05**
(3.70) (3.83) (1.63) (1.65) (1.66) (1.69) (1.66) (1.76)
init -84.80 -67.89
(71.10) (71.16)
init x libop -10.10** -9.83**
(4.40) (4.44)
constant 570.06** 44.92 102.37 115.86 76.21 90.28 78.47
(221.01) | (124.15) (105.89)  (114.29) | (119.12) (109.08)  (118.19)
init -10.60 -60.68* -45.67 -0.08 -0.55 -0.19
(19.72) (35.14) (31.65) (0.22) (0.44) (0.57)
initp 3.07 0.91 0.03 0.00
(4.12) (4.04) (0.05) (0.07)
pro egi -16.21 -0.29
(59.73) (0.86)
turnhous -0.57 -0.01
(0.65) (0.01)
constang 95.98** 126.39** 142.30** 4.54** 4.83** 4.86**
(13.04) (12.10) (24.40) (0.14) (0.10) (0.29)
105.54 57.54 59.24 58.19 62.97 54.12 62.16
(4.22) (4.66) (4.56) 0.17) (0.14) 0.17)
-11.30 10.23 8.59
(14.92) (12.66) (12.52)
llik -260.92 -253.97 -253.85 -261.39 -254.28 -260.79
n 47 47 47 47 47 47 47
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Table9: Explainingmedicare

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.22 0.32 0.03 -0.21 -0.19 0.24 0.43** -0.15
(0.47) (0.40) (0.16) 0.17) (0.19) 0.27) (0.25) 0.17)
income 0.00 -1.41 2.80* 5.10** 3.30* 2.69* 3.98** 5.49**
(0.00) (2.80) (1.50) (1.60) (1.90) 1.71) (1.93) (1.61)
urban 0.07 11.91 10.93* 8.04 14.09** 16.31* 1.44 0.42
(0.12) (10.42) (5.63) (6.09) (6.19) (7.82) (8.19) (5.33)
libop 1.64* 1.87* 0.56** 0.42** 0.56** 1.31* 1.19* 0.48**
(0.48) (0.49) (0.19) (0.20) (0.19) (0.21) 0.17) (0.19)
init -10.40 -11.34
(9.20) (9.09)
init x libop -0.74 -0.76
(0.57) (0.57)
constant 138.02* 104.77** 99.77** 111.35** 93.80** 77.61* 96.87*
(28.23) (11.70) (12.19) (13.12) (13.87)  (14.60) (12.72)
init -1.82 -10.48** -9.03** 0.07 -0.85* -1.14*
(2.03) (4.36) (4.41) 0.17) (0.45) (0.38)
initp 1.18* 0.88 0.11** 0.14**
(0.54) (0.59) (0.04) (0.04)
pro egi 10.80 0.67
(7.17) (0.55)
turnhous -0.01 -0.00
(0.08) (0.01)
constan® 13.38** 13.75* 11.49* 2.44*%* 2.39** 2.51**
(1.38) (1.41) (2.92) 0.12) (0.13) (0.23)
13.48 5.01 5.79 5.88 6.98 7.24 6.28
(0.48) (0.56) (0.53) (0.01) (0.01) (0.02)
-2.73 -1.18 -0.99
(1.49) (1.60) (1.63)
llik -155.90 -154.79 -154.15 -158.04 -159.75 -153.06
n 47 47 47 47 47 47 47 47
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Table10: Explainingtaxes

OLS mle (linearoutcomeequation) mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.18 0.22 0.02 0.01 - 0.11** -0.01 0.09*
(0.14) 0.12) (0.05) (0.05) (0.04) (0.05) (0.06)
income 0.00 -0.70 0.30 0.40 -0.23 0.37 0.65*
(0.00) (0.85) (0.50) (0.50) (0.48) (0.34) (0.52)
urban 0.00 2.36 2.18 1.29 0.21 0.18 -3.27*
(0.04) (3.17) (1.55) 1.77) (1.80) (1.63) (1.98)
libop 0.37** 0.37** 0.33** 0.33** 0.37** 0.35** 0.35**
(0.15) (0.15) (0.06) (0.06) (0.06) (0.05) (0.06)
init -3.37 -3.75
(2.81) 2.77)
init x libop -0.16 -0.18
0.17) 0.17)
constant -7.31 -2.64 -2.61 -3.90 -0.08 -8.56**
(8.59) (5.62) (5.50) (3.69) (2.00) (4.30)
init 0.21 -1.14 0.17 -0.62** -1.13*
(0.65) (1.47) 0.21) (0.29) (0.60)
initp 0.19 0.10** 0.17**
(0.19) (0.02) (0.06)
pro egi 0.26
(0.84)
turnhous -0.01*
(0.01)
constan® 3.44%* 3.42%* 1.09** 1.22** 1.26**
(0.43) (0.43) (0.15) (0.15) (0.24)
4.10 1.61 1.62 2.28 2.15 2.12
(0.18) (0.19) (0.00) (0.01) (0.01)
-0.94 -0.87
(0.60) (0.61)
llik -103.24 -102.72 -105.35 -102.70 -101.97
n 47 47 47 47 47 47 47
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Table11: Explainingsummarypolicy index (zpolicy)

OLS mle (linearoutcomeequation)  mle (exponentiabutcomeequation)
lascheretal replication init init init init init init
initp initp initp initp
controls controls
b b b b b b b b
(s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.) (s.e.)
HSgrad 0.04** 0.04** 0.02** -0.01 0.02** 0.01** 0.05**
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
income 0.00 0.64 0.10** 0.30** 0.14** 0.17** 0.06
(0.00) (0.10) (0.10) (0.10) (0.05) (0.06) (0.08)
urban 0.00 0.32 0.27 -0.03 0.39** 0.06 -0.34
(0.00) (0.38) (0.20) (0.21) (0.20) (0.26) (0.35)
libop 0.11** 0.11** 0.11** 0.09** 0.10** 0.11** 0.08**
(0.02) (0.02) (0.01) (0.01) (0.01) (0.01) (0.01)
init -0.51 -0.51
(0.33) (0.33)
init x libop -0.03 -0.03
(0.02) (0.02)
constant -1.72 -0.68 -0.30 -1.61** -0.95* 4.65
(1.04) (0.55) (0.50) (0.39) (0.48) (9.30)
init 0.07 -0.38** 0.19 -0.39 -0.02
(0.08) (0.15) (0.18) (0.38) (0.05)
initp 0.06** 0.08* 0.01
(0.02) (0.04) (0.01)
pro egi -0.55* -0.26
(0.31) (0.34)
turnhous -0.00 0.00
(0.00) (0.00)
constan2 0.39** 0.67** -0.96** -0.97* 2.03**
(0.05) 0.12) 0.12) (0.13) (1.22)
0.49 0.26 0.27 0.25 0.25 0.40
(0.02) (0.02) (0.00) (0.00) (0.00)
0.00 0.07
(0.07) (0.06)
llik -2.70 1.79 -1.41 -1.35 -23.11
n 47 47 47 47 47 47 47
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7 Conclusion

In the currentdiscussionof the merits and drawbacksof direct legislation both in
the statesand aroundthe world, misguidedgeneralization®ften lead to erroneous
statement@boutthe effect of direct legislation. Systematicstudiesof the effect of
directlegislationon policy outcomegqe.g.,Matsusaka 995and2000, Gerber(1996
and 1999), KirchgassnerFeld and Savioz 1999, Feld and Matsusaka&000, Gerber
andHug 2001)cometo morenuancedtonclusionghatjournalisticassessmentg.g.,
Schragl998andBroder2000)or studieselying on casestudiege.g. Smith1998).

But even amongthe more systematicstudiesit hasoften proved elusve to nd
demonstrableffectsof directlegislationon policy outcome®f thetypewe would ex-
pectfrom theory In this paperl aguedthatthereasorfor this elusive quests largely
attributableto faulty empiricalmodels.Basedon the basicimplication of mosttheo-
reticalmodels| derivedtwo empiricalmodelswhichimprove onthemodelscurrently
usedby researchersrying to shav that direct legislation haspolicy consequences.
More precisely thesemodelsdirectly acknavledgethe fact that the effect of direct
legislationis contingenbn the preferencesf atleastthevoters. Takingthisinto con-
siderationin the empiricalmodelsl employedin this paper | wasableto shav that
resultsobtainedby Lascher Hagenand Rochlin (1996) are problematic,and do not
allow for therejectionof the theoreticallyderived hypothesis.More precisely using
theirdataseaindreplicatingtheiranalysiothwith theirempiricalmodelandtheones
proposedhere,] demonstratethattheimprovedempiricalmodelsyield resultdargely
in synchwith theory In addition,bothempiricalmodelsproposecdereyield largely
similar results testifyingto therobustnes®f theresultsdiscussedhere.

Thisempiricalinvestigationhowever, is hardlysufcient to demonstratéhemerits
of the empiricalmodelsproposecdhere. Futureresearctasto shav to whatdegree
the simplifying assumptiongmployedto derive the two empiricalmodelsaffect the
propertiesof the estimatebtainedwith their help. Only Monte-Carlosimulations,
especiallygiventheimportanceof small-samplgropertiescanyield answergo this
importantquestion.Futurewill tell.
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8 Appendix

Table12 reportsthe descriptve statisticsof the variablesemployedn this paper

Table12: Descriptve statistics

variable minimum mean maximum  stddev N
INIT directlegislationdummy 0 0.45 1 0.5 47
INITP lowestsignaturaequiremenfor initiative 0 3.28 15 4.12 47
libop stateideologymeasure -28 -14.6 -0.81 7.3 47
income meanincome1980 6.68 9.01 11.54 1.17 47
HSgrad percenbf high schoolgraduates 53 66.4 80 7.32 47
urban percenbof urbanpolicy 0 0.53 0.93 0.25 47
ADC80 87 241.36 400 83.45 47
CONSUME2 4 13.57 21 3.85 47
CRIMJUS2 -100 153.19 400 131.63 47
EXPPUPIL 168 237.85 376 47.99 47
ERABOLES 0 3.74 6 2.63 47
GAMBLING 0 257.45 600 171.62 47
MEDICAR2 100 125.94 159 17.7 47
LOWRY2 -13 -3.45 7 4.67 47
ZPOLICY -1.55 0 2.13 1 47
TURNHOUS  turnouverratein statehouse 2 21.7 55 12.88 47
PROFLEGI professionalizationf legislature 0.04 0.22 0.66 0.15 47
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